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Abstract

In this paper, we present indoor localization technologies using the bluetooth signal categorizing

them into proximity based, triangulation based and fingerprinting based technologies. Then we provide

localization accuracy improvement algorithms such as moving average, K-means, particle filter, and

K-Nearest neighbor algorithms. We define

important performance issues for indoor localization

technologies and analyze recent technologies according to the performance issues. Finally we provide

experimental results for correlation between RSSI and distance. We believe that this paper provide

wise view and necessary information for recent localization technologies using the bluetooth signal.
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Il. Indoor Localization Technique
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2. Triangulation
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protected static double calculateDistance{int txPower, double rssi) {
if (rssi==8) {
return -1.8;

}

double ratio = rssi*l.@/txPower;
if (retio< 1.@) {
return Math.pow(ratio,18);
1
else {
double accuracy = (8.89976)*Math.powlratio,7.7893) + 8.111;
return sccuracy;
}
}

Fig 1. RSSI formula for use in Android Beacon Library
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2. K-means algorithm
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(3) RSSI dispersion and deviation on distance
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