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ABSTRACT

Shape Contexts Recognition(SCR) is a technology recognizing shapes such as figures and objects, greatly supporting technologies such
as character recognition, motion recognition, facial recognition, and situational recognition. However, generally SCR makes histograms for
all contours and maps the extracted contours one to one to compare Shape A and B, which leads to slow progress speed. Thus, this
paper has made simple yet more effective algorithm with optimized contour, finding the outlines according to shape figures and using the
improved Douglas-Peucker algorithm and Harris corner detector. With this improved method, progress speed is recognized as faster.
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Fig. 10A. Matching Accuracy Rate Result of the Existing SC
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Processing Time

170 '___,__.‘\/__.‘/\’_.
150
130

110

r__.,-.-q-..._. __.___...—-l-..._‘ Ll ol TPy ]

1st 3nd 3rd 4th 5th Gth 7th Bth oth  10th Avg.

Fig. 10B. Processing Time Result of the Existing SC
Recognition Method and Suggested Method about ETH-80 Data

Fig. 10A= Aljtel Wye o] &) e MIYd==
Zh Ay Al 2 Hgd 2 ZE ZAE Y Aokd
e Gt B%0 MAAASES YRl 494 Al
A 99.084%9 H1 AFEES Bz 7THA  AFoA
92378%¢] A4 AHEE vdehiglh Fig 10BE A¢ A
AR 7 AR Aed B A3Egs aYZE EAS

A WA AR 20, W, Asa & A4¥ Shape?t
Query Shapedl X3 nl&o] £2%2 HIAE HIYL F
FAZFE 71EWH 16342% A4 Ay WHe 57.08%E
Fol 5T FYAITIo] FolE o)fiE 2

A= Query Shapedll 2, #i, A2k 5 2 F3 Shape
7} oA WA Aol 7k Abe g Fol

JAr =40L wol AANL

Shape Contextoll A 2] <l

A)
- =
EE s $4H982 A

JHEF Douglas-Peucker Z112|Z 7|8t 1% Shape Matching Z121& 501

5d B

0 KA
(o ek
i
)
=
32
=
ot
o
53
Y
fu
rr
2
0,

e
f

o

References

[1] Ju-Hyun Kwak, II-Young Woen, and Chang-Hoon Lee,
“Learning Algorithm for Multiple Distribution Data using
Haar-like Feature and Decision Tree,” KIPS Transactions on
Software and Data Engineering, Vol.2, No.l, pp.43-48, 2013.

[2] Dong Hyun Kim, Bumseop Ham, and Kwanghoon Sohn,
“Harris Corner Points Based Disparity Search Range
Estimation,” Proceedings of the Korean Society of Broadcast
Engineers Conference, pp.42-45, 2011.7.

[3] Konstantinos G. Derpanis, “The harris corner detector,
Technical Report,” York University, 2004. available:
http://www.cse.yorku.ca/ kosta/CompVis_Notes/harris_dete
ctor.pdf.

[4] D. Douglas and T. Peucker, “Algorithms for the Reduction
of the Number of Points Required to Represent a Digitized
Line or Its Carcature,” The International Journal for
Geographic Information and Geovisualization, Vol.10, No.2,
pp.112-122, 1973.

[5] Jin-Hyeok Park et al., “Vector Map Data compression based
on Douglas Peucker Simplification Algorithm and Bin
Classification,” Journal of Korea Multimedia Society, Vol.18,
No.3, pp.298-311, 2015.

[6] Do-Hyeon Gil and Si-Woong Lee, “Fast Shape Matching
Algorithm Based on Shape Context Using Statistical
Features,” Journal of Taejon National University of
Technology, Vol.8, No.l, pp.113-118, 2010.

[7] S. Belongie, J. Malik, and J Puzicha, “Shape Matching and

Contexts,” IEEE
Transactions on Pattern Analysis and Machine Intelligence,
Vol.24, No.24, pp.509-522, 2002.

[8] G. Mori, S. Belongie, and J. Malik, “Efficient Shape Matching
Using shape Contexts,” IEEE Transactions on Pattern
Analysis and Machine Intelligence, Vol.27, No.11, pp.1832-
1837, 2005.

[9] G. Mori, S. Belongie, and J. Malik, “Shape Contexts Enable
Efficient Retrieval of Similar Shapes,” Proc. IEEE Conf
Computer Vision and Pattern Recognition, Vol.1, pp.723-730,
2001.

Object Recognition Using Shape



502 JEMEIE=2A/AZERI0 & HO0IH 33 5T M10=(2016.

Mgy

e-mail : uhjinmo@gmail.com

19951 Fdtistal 7 4 sraH(EHA})

2013\ A=t Z3FE -G RBE 8kt
(BAh

20159 ASo|ek AFE ARENE
EREEEEY

20043 AR B2 71 EAL

2005 A XAl 2~ 7 AR

19%9~d Al @3
s,

a1
ARk AEAs, £2ZEH 0] T8, o|vA Az, FHEt

2 = o
e-mail : decoz91 @gmail.com

199 A= stal A ApA ekt
19979 A=t A T e
2012 A=rdietal 7 RE gt
AR IEA s, AXZES0] )

oA A2, JHH<L

£
>
=

o & =
e-mail : chlee@konkuk.ac.kr
19773 AA et 87} E]
1980 gh=atetrle e HARSRIH (A AL
1993 gh=3tetr) e RSk (AL
199611 ~20021 A=k g 1 EAl 9%
20019 ~2002 A=rofghal A H sl EH"ﬂJJr"-S—'L &
1980 ~& Al A=oistn 7AFH st u

WAk A, SGAA, HET

=
£
>
-
=



