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Abstract

Organizations have been implementing mobile applications that actually connect to their
backend enterprise applications (e.g. ERP, SCM, etc.) in order to increase the enterprise
mobility. However, most of the organizations are still struggling to fully satisfy their mobile
application users with the enterprise mobility. Even though it has been regarded as the right
direction that the traditional enterprise system should move on, the studies on the success
model for mobile enterprise applications in user’s acceptance perspective can hardly be found.
Thus, this study focused not only to redefine the success of the mobile enterprise application in
user’s acceptance persepective, but also to find the impacts of the factors on user’s usage
behavior of the mobile enterprise applications. In order to achieve this, we adopted the
Technology Acceptance Model 2 (TAM2) as a model to figure out the user’s behavior on
mobile applications. Among various mobile enterprise applications, this study chose mobile
ERP since it is the most representing enterprise applications that many organizations have
implemented in their backend. This study found that not all the constructs defined by Davis in
TAM2 have a significant influence on user’s behavior of the mobile-ERP applications.
However, it is also found that most social influence processes of TAM2 influence user’s
perception of the degree of interaction by mobile-ERP applications.
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1. Introduction

The traditional enterprise system has been shifting in response to the drastic increase of

mobile device usage in the enterprise. To increase the enterprise mobility, organizations have
been implementing mobile applications that actually connect to their backend enterprise
applications. These enterprise application includes the systems for Enterprise Resource
Planning (ERP), Supply Chain Mangement (SCM), etc. However, most of the organizations
are still in the early stage in terms of the enterprise mobility [1]. Even though it has been
regarded as a right direction to move forward for the traditional enterprise system, the studies
on the critical success factors (CSFs) or success model for mobile enterprise applications can
be hardly found. For example, the clear definition of successful implementation of mobile
enterprise resource planning apps (M-ERP) does not exist, and sometimes controversial.
Considering M-ERP application implementation, as an IT project, project managers or M-ERP
consultants may define the success in terms of completing the project on time and within
budget [2]. The reason for this is that most ERP implementations are late or over budget [3]. In
addition, 66 percent of ERP users from 192 U.S. companies had failed to realize more than
half of its original expected benefits from their projects [4]. However, the on-time and
within-budget implementation does not guarantee the success of mobile enterprise application
development in terms of the user’s satisfaction. Moreover, few studies have tried to investigate
the successful implementation of the mobile enterprise application system from user’s
acceptance perspective.

The most significant characteristics of mobile applications and its related technologies are
‘anytime’ and ‘anywhere’. According to a new forecast from International Data Corporation
(IDC), the U.S. mobile worker population will grow at a steady rate over the next five years,
increasing from 96.2 million in 2015 to 105.4 million mobile workers in 2020. By the end of
the forecast period, IDC expects mobile workers will account for nearly three quarters (72.3%)
of the total U.S. workforce [5]. Along with competitive pressure in mobile technologies, it is
one of the driving forces behind the rapid growth of mobile solutions in the field of
business-to-business (B2B), employee-to-business (E2B), and business-to-employee (B2E)
[6]. Mobile access to back-end enterprise systems could considerably lower operational costs
while it increases flexibility and shorten response times. Eric Kimberling, managing partner at
Panorama Consulting Solutions, said mobility continues to be a big trend. Executives and
employees want real-time access to information, regardless of where they are. "Gone are the
days of accessing ERP system from a single computer - now employees use phones and tablets
just as much - if not more - than they do a computer or laptop" said Kimberling. Kimberling
continued to state that vendors finally began to provide compelling and secure ways for
employees to accomplish mobile solutions [7]. Leveraging mobile technology is suggested by
increased mobility of users in order to improve prompt transaction and data collection for
decision making that supports ERP systems [6].

Therefore, the purpose of this study is i) to redefine mobile enterprise application success in
terms of the factors on user’s accepatance, ii) to find the impacts of the factors on user’s usage
behavior of the applications. In order to achieve these objectives, this study adopted
Technology Acceptance Model 2 (TAM?2) into a research model to find how users come to
accept and use a technology. The TAM2 suggests that when users are presented with a new
technology, a number of factors that influence their decision about how and when they will use
it, particularly Perceived Usefulness (PU) and Perceived Ease-of-Use (PEOU) [8]. Thus, this
study focused on investigating user’s intentions to use M-ERP application and their usage
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behavior based on mainly TAM2 model. In addition, we adopt one more factor that is critical
for mobile app development environment based on the opinions from industry experts. The
research results are expected to serve as a reference for those planning to start their business on
M-ERP application.

2. Related Work

Previous studies related with to research backgrounds and variables are investigated in this
section. In the early days of the smartphone revolution, employees used smartphones to stay
connected to work email, and handle some other basic tasks. However, a more robust
appications have been emerging in these days that opens up new possibilities for a mobile
workforce. For M-ERP application users in an organization, especially salesforces, the usage
of M-ERP application is critical. Salesforces can access their ERP systems from their
smartphones, getting all the information they need without visiting their offices. In addition,
service engineers can access product information and maintenance records anytime regardless
of where they are [9]. Thus, it is obvious that M-ERP application cannot exist as a stand-alone.
It is hardly implementable without having traditional ERP system in back-end. Therefore, it is
worth to understand how the traditional ERP system has been evolved.

2.1 Traditional ERP System

Enterprise Resource Planning (ERP) tends to be a widely misunderstood concept. Koch
wrote, “Forget about planning - it doesn’t do much of that - and forget about resource, a
throwaway term. But remember the enterprise part”. He went on to state that the objective of
ERP systems is to, “integrate all departments and functions across a company onto a single
computer system that can serve all those different departments’ particular needs” [10]. The
implication is that the successful ERP system implementation will bring on higher levels of
productivity, innovation, and profitability [11]. Thus, over the last decade, ERP has been
implemented in lots of organizations worldwide [12], and companies have spent billions of
dollars and huge amount of time implementing ERP systems [13]. A recent research finds that
the total ERP market is expected to reach $41.69 billion by 2020 [14].

However, the adoption of ERP systems has been slow in some industries and companies
have reported unpleasant experiences with efforts to implement successful ERP systems in
spite of its promised benefits. The costs and complexity in implementation are critical issues.
ERP system implementation generally costs ranging from half a million to $300 million, with
an average cost of $15 million [15]. Another problematic issue that has arisen for some
companies concerns the changes in organizational culture that tend to accompany the
implementation of ERP systems [16]. As a matter of fact, an ERP project not only tend to
become complex to implement but also involves a broad range of organizational
transformation process during the entire implementation process [17]. Another typical losses
of the organizations are the loss of productivity emanating from operational inefficiencies and
individual conflicts within the organizations [18]. To enhance the probability of ERP
implementation success, organizations require relevant and accurate information related to
best practices in ERP implementation [19]. Of equal importance to organizations is relevant
and accurate information concerning what does not work well or at all in ERP implementation
programs [20]. Such information, however, is not always easily located.

There are several models that advocates to enhance the probability of success in ERP
implementation. However, various research designs were applied for those models. Hsiao,
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Yang, Lin, and Lee applied Six Sigma approaches to identify the key failure factors that are
associated with the implementation of ERP systems [21]. The model provides important and
useful information. It is incomplete, however, as best practices are not identified directly.
Gefen and Ragowsky developed that focuses exclusively on manufacturing firms [22]. The
model does, however, provide flexibility in relation to company size. The model, however,
does not address failure factors, nor does it provide insights for other industries. The model
developed by Zwikael and Globerson was oriented diametrically from the model developed by
Hsiao, Yang, Lin, and Lee (2007) with respect to success factors and failure factors [23]. It
focused extensively on success factors without providing sufficient emphasis on causes of
failure in the implementation of ERP systems. Chung (2007) developed a model which defines
the factors that enhanced the probability of ERP implementation success for an organization
[24]. The strength of this model is that the essential research focused on success/failure factors
related to the implementation of ERP systems. However, the Chung model focused the
successful ERP implementation specifically on engineering and construction companies.
Important work has been performed and is reported in the literature in relation to model
development for the enhancement of success by organizations in the implementation of ERP
systems. Unfortunately, none of the models appears to be universally applicable to a wide
spectrum of organizations. Thus, organizations continue to confront a dilemma when
considering the implementation of ERP systems. There is the risk on one side that stems from
not implementing an ERP system. This risk is associated with a failure to act, and such failure
could place an organization at a competitive disadvantage.

There also is a counter risk for organizations that move forward on an ERP implementation
program that ends in failure or ineffectiveness. As opposed to placing the organization at a
competitive disadvantage, the manifestation of the risks associated with an ineffective ERP
implementation is direct out-of-pocket costs. Most organizations, thus, are still in need of a
relevant and a reliable model to enhance the probability of success in an ERP implementation
program. Definitely, successful ERP system implementation guarantees significant benefits
for companies. In order to increase the probability of successful ERP system implementation,
organizations should obtain the accurate data from the experience of what worked well when
implementing the ERP project [25]. There have been many studies that focuses on the
successful ERP implementation associated with identifying critical success factors.

2.2 Mobile ERP System

Handheld devices came into use as stand alone unites during the late 1990’s. Currently, due
to the rapid adoption of mobile devices into the workplace, the ERP vendors have realized that
they are unable to keep up with the needs of the growing mobile workforce with their existing
functionality. As a result, the vendors have to build the new mobile applications by creating
hybrid ERP systems - a combination of cloud services and mobile applications. While this
brings mobile functionality to a wider market, it results in features being released as part of the
regular vendor software lifecycle, forcing major upgrades just to implement mobile access. By
using independent support to free up significant operating budget, organizations are using the
savings to more quickly add mobile functionality from third-party mobility vendors, while
extending the life of their ERP systems for 10 - 15 years [26].

The visibility across end to end business processes of accurate, timely, relevant, sufficient
and cost effective data is also critical requirement for successful business integration [6].
Another key for the successful ERP implementation is integration of internal processes. The
integration has to include basic information systems that connects the functionality of front
office and that of the back office. The use of ERP systems in mobile devices with wireless
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technology is quite similar with those for supply chain management. Clemens et al. stated that
the main differences between ERP and SCM are the broader scope of the data along with a
broader range of ERP processes. Moreover, depending on the location of critical data such as
human resources and financial data, more controls on both the server and client sides of the
mobile applications are required in order to enhance the organization’s security [6].

Enterprise mobility is defined as set of people, processes and technology that focused on
managing mobile devices, mobile services, and wireless networks [27]. It becomes important
discipline within the organization as more workers use smartphone and tablet devices in the
workplace. It is obvious that the new mobile devices need an access to business information in
ERP systems. It is an organization’s responsibility to build a solid mobility platform by
determining the best enterprise strategy for integrating mobile devices with business processes.
Mobility extends Mobile ERP devices are becoming an important extension to ERP. The most
benefit of mobility devices is extending the accessibility of ERP systems to employees,
partners and even customers when and where they need it. The combination of mobile devices
and ERP business systems empowers workers and makes it possible for them to engage more
fully with their peers and customers [28].

2.3 Technology Acceptance Model (TAM)

Introduced by Davis in 1989, the Technology Acceptance Model (TAM) explains the
various factors of computer use acceptance as they are related to specific user behavior. The
goal of TAM is “to provide an explanation of the determinants of computer acceptance that is
general, capable of explaining user behavior across a broad range of end-user computing
technologies and user populations, while at the same time being both parsimonious and
theoretically justified”. Additionally, TAM provides a good framework when attempting to
measure the impact of outside variables in terms of internal beliefs, attitudes, and intentions. It
was developed through the identification of primary variables as they have been suggested by
existing research which deals with affective determinants related to IS acceptance, and then
employing the TRA methodology in a theoretical foundation for modeling these types of
relationships between these variables [29].

‘Perceived Usefulness’ as well as ‘Perceived Ease of Use’ for IS acceptance behavior are of
primary relevance for this model. The definition of ‘Perceived Usefulness’ is outlined as the
user's subjective view of the probability of increasing one’s work performance when
employing a specified information system as it exists inside an organization. ‘Perceived Ease
of Use’ is measured as the degree that any user anticipates that the target system is free of
additional effort on their part. The TAM posits that variables outside the system may indirectly
affect attitudes toward usage. This could, in turn, lead to actual system use by the influence of
‘Perceived Usefulness’ as well as the ‘Perceived Ease of Use’. The relationships between
multiple TAM elements have been validated with numerous quality empirical studies [30].

The concept of the Subjective Norm has been defined as an individual’s perception that
other significant people believe that he or she should or should not perform a certain behavior
[31]. This particular variable was excluded by Davis in the TAM due to uncertain theoretical
and psychometric status, the small effect in the areas of ease of use, and anticipated usefulness.
Alternatively, Barki and Hartwick offered an alternative view. After categorizing respondents
into the contexts of mandatory and voluntary use, the researchers discovered the impact of the
Subjective Norm was important on intention of use in a mandatory system [32].

While the original TAM model was useful, some studies have found benefit in extending
elements of the TAM. Moon and Kim butressed to extend the model in order to include factors
that can be specific to the problem set. The general context, target technology factors, and
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consideration the main users of the new system can be included in the extetended factors
[33][34]. Extending the TAM in this way has proven useful in other studies [35]. Thus, the
TAM2 extended the initial measures of the TAM by incorporating the concept of the
Subjective Norm as another type of predictor of intent when considering mandatory system
use. Additionally, TAM2 employs further theoretical constructs which includes processes
related to social influence and processes considered instrumentally cognitive [36]. These
causal relationships as well as the elements included in the new TAM2 are outlined in Fig. 1.
Deciding the quality of the implemented IT project is definitely up to the users. The purpose
of this research is to identifying the factors that influence the users’ satisfaction after the
M-ERP application implementation regardless of arguing if the project was completed on time
and within budget. Therefore, this study focuses to fill the scholary gap by examining the
end-user’s usage behavior perspective after the M-ERP application implementation.

Experience Voluntarines
Subjective / \4 /
Norm
Perceived
Image
’ Usefulness \ v
/ Intention »  Usage
Job Relevance / to Use Behavior
Perceived
Output Quality Esp el Technology Acceptance Model
Result
Demonstrability

Fig. 1. Technology Acceptance Model 2 [36]

3. Research Method and Hypotheses
3.1 Research Model

To verify the hypotheses, this research project used a mixed method research approach that
combined collection of data through a survey instrument, structural equation modeling (SEM).
The Structural Equation Modeling (SEM) technique was used to test the research hypotheses.
The SEM is a set of statistical techniques that include confirmatory factor analysis and path
modeling. SEM can answer a set of interrelated research questions in an analysis by showing
the relationships among multiple independent and dependent constructs simultaneously [37].
It can serve as a substitute for factor-analysis, and goodness-of-fit in regression analysis type
of testing. The process of multiple regression analysis for this kind of research is painful due
to the complexity of the model.

A major goal of this study was to gain new insights into how companies can plan and
implement a successful mobile ERP application that satisfies the user’s intention to use. In
order to do this, this study sought to first validate the applicability of the TAM2. The five key
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dependent variables that were adopted from TAM2 are (2) Subjective Norm, (b) Image, (c) Job
Relevance, (d) Output Quality, and (e) Result Demonstrability. Another one dependent
variable which was added by adopting industry experts’ suggestion is ‘Compatibility’. Since
the mobile devices are very sensitive to its operating system (e.g. Android vs. Apple), the
Compatibility between the mobile devices and the back-end system is critical factor. The
intermediate variables used for this study are (1) Perceived Usefulness, (2) Perceived Ease of
Use, and (3) Intention to Use. The dependent variable which indicates users’ intention to use is
‘Usage Behavior’. Since all of M-ERP application users have an experience of using the
traditional ERP system, the moderator of ‘Experience’ and “‘Voluntariness’ were excluded
from our model. Thus, the research framework can be constructed as shown in Fig. 2.

HO

Subjective
Norm

Image

Perceived

Job Relevance
Usefulness

- Intentionto | H10 Usage
Output Quality Use Behavior

H8

Perceived

Result Ease-of-Use

Demonstrability

Compatibility

Fig. 2. Research Model

3.2 Structural Equation Modeling (SEM)

A structural equation modeling analysis was performed in order to test the hypotheses. The
SEM is a set of statistical techniques that include confirmatory factor analysis, goodness-of-fit
in regression analysis type of testing, and path modeling. SEM can answer a set of interrelated
research questions in an analysis by showing the relationships among multiple independent
and dependent constructs simultaneously. A typical SEM includes a ‘measurement model” and
a ‘structural model.” The former explores the relationship between observed variables and
latent variables, whereas the latter examines the relationship between latent variables [38].

Using SEM, the trimmed model (i.e. modified model) was derived by modifying paths in
the full model (i.e. fixed model). Then, the fit indices for both models were measured to select
one competing model over another as a best-fitting model. The path analysis was followed to
present a graphical path diagram in order to interpret the model. The arrows in a path diagram
represent the causal dependencies within a model. The goodness-of-fit indices in SEM
analysis that were used in this study is: (1) ¥2: Chi Square, (2) %2 /df: Chi Square to Degree of
Freedom Ratio, (3) TLI: Tucker Lewis Index, (4) CFl: Comparative Fit Index, (5) SRMR:
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Standardized Root Mean Square Residual, and (6) AIC: Akaike Information Criterion [39].

As mentioned earlier, the SEM specifies two models - a full and a trimmed model. For this
study, the goodness-of-fit indices for both models were produced first. Then, the best-fit
model between the two models was selected. Using the obtained best-fit model, the path
analysis was performed using M-plus, the statistical software package for SEM. Lastly, the R2
values which indicate how well data points fit the model were represented to measure the
proportion to which the model accounts for the variation of the data set.

3.3 Hypotheses

In previous section, the reason that the ‘*Experience’ and ‘Voluntariness’ were excluded
from our model was discussed. Based on the research framework that we developed above, the
following 11 hypotheses were proposed:

- HO: ‘Subjective Norm’ has positive impact on users’ ‘Intention to Use’” of M-ERP.

- H1: ‘Subjective Norm’ has positive impact on users’ ‘Perceived Usefulness’ of M-ERP.

- H2: “Image’ has positive impact on users’ ‘Perceived Usefulness’ of M-ERP.

- H3: “Job Relevance’ has positive impact on users’ ‘Perceived Usefulness’ of M-ERP.

- H4: “‘Output Quality’ has positive impact on users’ ‘Perceived Usefulness’ of M-ERP.

- H5: “‘Result Demonstrability’ has positive impact on users’ ‘Perceived Usefulness’ of
M-ERP.

- H6: “‘Subjective Norm’ has positive impact on users’ ‘Intention to Use” of M-ERP.

- H7: ‘Perceived Usefulness’ has positive impact on users’ ‘Intention to Use” of M-ERP.

- H8: ‘Perceived Ease of Use’ has positive impact on users’ ‘Intention to Use’ of M-ERP.

- H9: ‘Perceived Ease of Use’ has positive impact on users’ ‘Perceived Usefulness’ of M-ERP.

- H10: “Intention to Use’ has positive impact on users’ ‘Usage Behavior’ of M-ERP.

4. Hypotheses Testing and Data Analysis
4.1 Data Collection and Sampling Method

For the target population, participating organizations for this study had to have an
experience of both the traditional ERP system implementation and the mobile-ERP
application development within the past five years regardless of the company size. In order to
obtain the company list who recently implemented the M-ERP applications having the
traditional ERP system in their back-end, we contacted the ERP vendor. As a result, we
obtained 15 companies from ERP vendor. Each of 15 companies were contacted via email and
asked to participate in this research study. A total of 226 people participated in the main survey.
The main survey was conducted on-line for a 30 day period of time (from April 15, 2015 to
May 14, 2015).

4.2 Basic Analysis of the Sample

The collected sample comprises 52% male and 48% female subjects. This implies that the
sample is collected from almost an even proportion of gender. In terms of work experience, 69
respondents had 1-5 years of work experience (46%). The second largest set of respondents,
comprising 28.7% of the group, had 6-10 years of work experience. This implies that the
response rate was higher for those with less work experience. The maximum number of
respondent’s years of experience was 32 while the minimum work experience of any
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respondent was 1 year. The mode, the most frequently observed value for the years of work
experience was 5. The sample also shows that 53% of the respondents’ companies had more
than 5000 employees, 32% had 1000-3000 employees, and 15% had 3000-5000 employees.
This indicates that the data was mostly collected from large sized companies. For the age
group, most of the respondents were 30-39 years old (49%). The second largest group fell into
the 20-29 age range (26%). Respondents over the age of 50 comprised the smallest group of
only 4% of respondents. This implies that either those who fell into the 30-39 age range were
also the largest age group represented within a company or this age range represented the
highest group of active users of the ERP system within a specific company. The figures for
these statistics are attached in appendices.

4.3 Descriptive Statistics

After the questionnaire was completed, the responses for each item were summed to create a
score for a group of items. Then, this sum score was averaged by the number of items per
variable and then by the number of the respondents in order to calculate the mean value for
each variable. Along with the mean values, mode, standard deviation, variance, were also
calculated and these values are represented in Table 1. Except for the variable, *‘Output
Quality’, the values for all other variables associated with Kurtosis and Skewness were
between -1 to 1 which represents that the samples were normally distributed. A rule of thumb
for assessing normality for the purposes of assumption testing is that if Kurtosis and Skewness
are between -1 and +1 and there is a reasonable sample size (e.g., at least 20 per cell), then one
would rarely run into issues related to violations of the assumption of normality. A detailed
descriptive statistics table is available in the Appendices section of this study.

Table 1. Descriptive Statistics

Variable Mean Staqde}rd Sar_nple Kurtosis Skewness
Deviation Variance
1) Output Quality 4,78 0.93 0.87 1.72 -0.65
2) Job Relevance 5.04 1.31 1.73 -0.08 -0.55
3) Image 4.34 1.32 1.74 -0.19 -0.22
4) Result Demonstrability 4.60 1.20 1.44 0.32 -0.42
5) Compatibility 4.71 1.19 1.41 0.40 -0.56
6) Subjective Norm 4.69 1.09 1.18 0.21 -0.24
7) Perceived Usefulness 4.80 1.19 1.41 0.33 -0.43
8) Perceived Ease of Use 4,61 1.21 1.46 0.12 -0.41
9) Intention to Use / Use 491 1.06 1.11 -0.40 -0.04
10) Usage Behavior 4.63 1.01 1.01 0.56 -0.29

4.4 Reliability Analysis

To estimate the reliability of the item scores for the variables, the coefficient of Cronbach's
alpha was measured. It is also called the internal consistency estimate of item scores. A
common rule of thumb for Cronbach's alpha is a rate of excellent if a.> 0.9, and good if 0.7 <«
< 0.9. Table 2 shows that the all the items’ alpha were greater than 0.7 indicating all the items
were strongly consistent internally. This means that the survey questionnaire was well
developed.
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Table 2. Items and Reliability

Variable # of Items Items Reliability (o)
1) Output Quality 4 repl, rep2, outl, out2 0.83
2) Job Relevance 2 jobl, job2 0.90
3) Image 2 imgl, img2 0.87
4) Result Demonstrability 2 resl, res2 0.87
5) Compatibility 2 compl,comp?2 0.89
6) Subjective Norm 2 snl, sn2 0.91
7) Perceived Usefulness 4 pul, pu2 0.96
8) Perceived Ease of Use 3 peoul,peou? 0.91
9) Intention to Use / Use 4 itul, itu2 0.87
10) Usage Behavior 3 ubl, ub2, ub3 0.91

4.5 Structured Equation Modeling (SEM) Analysis

Table 3 shows the fit indices for both the full and the trimmed models in the sample. These
two models needed to be evaluated with the goodness-of-fit indices to determine if they fit the
sample well. In the full model, the %2/df ratio (2.997) and the SRMR (0.069) met the desired
level of goodness-of-fit indices (x2/df < 3, SRMR < 0.08). However, the other fit indices of
CFI (0.891) and TLI (0.836) did not satisfy the desired level of values (CFI > 0.9, TLI > 0.9).

Table 3. Full and Trimmed Model of SEM

SEM Model 12 DF x2/DF CFlI TLI SRMR AIC
Full 149.856 50 2.997 0.891 0.836 0.069 2631.965
Trimmed 119.770 41 2.921 0.923 0.903 0.058 2233.051

Therefore, the trimmed model was also examined in order to find a better fit between these
two SEM models. In order to obtain the trimmed model, the path between the independent
variables, ‘Output’ and *Perceived Usefulness’ was adjusted by setting the value to zero. This
adjustment process was continued in order to examine if another adjustment of the path might
offer a better fit for the sample. In the trimmed model, the all the fit indices of x2/df ratio
(2.921), CFI (0.923), TLI (0.903), and SRMR (0.058) satisfied the desired level (y2/df < 3,
CFI > 0.9, TLI > 0.9, SRMR < 0.08). The model that has a lower AIC is preferred for the
best-fit model (Kline, 1998). As seen in Table 3, the trimmed model had a lower AIC
(2233.051) than that of the full model (2631.965). Thus, the trimmed model was selected as
the best-fit model in order to find the relationship of the variables in the sample.

4.6 Path Analysis

As noted in the previously, the SEM is a hybrid technique that includes aspects of
confirmatory factor analysis, regression, and path analysis. The path analysis was performed
using the best-fit model that was obtained from above step, and as a result, the graphical path
diagram was created. A diagram of this model is shown in Fig. 3.

The path diagram indicates that only three out of six factors have a positive impact on ‘Perceived
Usefulness’ (p < 0.05). These three factors are - (1) Subjective Norm, (2) Output, and (3) Job Relevance.
‘Subjective Norm’ is the factor that has the most significant effect on ‘Perceived Usefulness’.
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Fig. 3. Path Diagram for SEM Model

4.7 Results of Hypotheses Testing

Usage
Behavior

As discussed in the previous section, three out of eleven hypotheses were rejected. Table 3
summarizes the results of hypotheses.

Table 4. Summary of Hypothesis Testing

No. | Alternate Hypothesis Result

HO | ‘Subjective Norm’ has positive impact on users’ ‘Intention to Use’. Accepted
H1 | “Subjective Norm’ has positive impact on users’ ‘Perceived Usefulness’. Accepted
H2 | ‘Image’ has positive impact on users’ ‘Perceived Usefulness’. Rejected
H3 | ‘Job Relevance’ has positive impact on users’ ‘Perceived Usefulness’. Accepted
H4 | ‘Output Quality’ has positive impact on users’ ‘Perceived Usefulness’. Accepted
H5 | ‘Result Demonstrability” has positive impact on users’ ‘Perceived Usefulness’. | Rejected
H6 | ‘Compatibility” has positive impact on users’ ‘Perceived Usefulness’. Rejected
H7 | ‘Perceived Usefulness’ has positive impact on users’ ‘Intention to Use’. Accepted
H8 | ‘Perceived Ease of Use’ has positive impact on users’ ‘Intention to Use’. Accepted
H9 | ‘Perceived Ease of Use’ has positive impact on users’ ‘Perceived Usefulness’. Accepted
H10 | ‘Intention to Use’ has positive impact on users’ ‘Usage Behavior’. Accepted

As seen in Table 4, all hypotheses except H2, H5, and H6 were accepted. This implies that
not all the factors in the model have significant impacts on user’s usage behavior. It indicates
that the ‘Image’ and *Job Demonstrability’ did not have an effect on *Perceived Usefulness’ as
it was designed in TAM2.
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5. Conclusion

The study extended the research by Lee (2015) to investigate the applicability of TAM2
onto the mobile-ERP user behavior [40]. In order to achieve this goal, the structural equation
modeling technique was adopted to test the interactions between the constructs. After analysis
of the data, this study found that the five critical success factors that Davis identified in TAM2
had a significant impact on ‘Perceived Usefulness’ did not work for the factors: ‘Image’ and
‘Result Demonstrability’. Moreover, the ‘Compatibility” which was not adopted from TAM2
but from industry experts that they expected to have a significant impact on ‘Perceived
Usefulness’ did not work either. Thus, these are not helpful in understanding or predicting the
user’s adoption of the mobile-ERP applications. Based on the results in previous chapter, the
following conclusions were proposed.

Using a diverse set of data, the three out of five factors in the proposed model: (1)
Subjective Norm, (2) Job Relevance, (3) Output are the key factors in understanding the users’
behavior of the mobile-ERP applications. The result discovered that the ‘Subjective Norm’ has
the most significant impact on ‘Perceived Usefulness’. This implies that the beliefs of people
important to application users will affect users’ tendency of using mobile-ERP applications.
Therefore, it can be inferred that if people important to a user consider that it is necessary to
use mobile-ERP applications, the user is more likely to perceive the mobile-ERP applications
as useful. In terms of “‘Job relevance’, it is found that a potential user judges the effects of using
a mobile-ERP application if it enhances his/her performance. This study also found that the
quality of ‘Output’, which is the degree to which one thinks that a new system can perform
required tasks, is also a key determinant for users’ behavior.

Overall, the results represented that except for the effect of ‘image’ on ‘perceived
usefulness’, and ‘result demonstrability’ on ‘perceived usefulness’, all the other social
influence processes of TAM2 influence user’s perception of the degree of interaction by
mobile-ERP applications.

The implementation of a mobile-ERP application does not guarantee a positive impact on
the organization in terms of cost reductions or revenue/profit increase. As one of the potential
factors for a successful mobile-ERP application implementation, this study considered usage
behavior of the system, which was the user’s intention to use the newly developed application
for the M-ERP. The findings will provide directions for organizations to plan and implement
mobile-ERP applications to support users’ intention to use.
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