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Developing a Sentiment Analysing and Tagging System

Lee Hyun Gyu' -

Lee Songwook™

ABSTRACT

Our goal is to build the system which collects tweets from Twitter, analyzes the sentiment of each tweet, and helps users build a
sentiment tagged corpus semi-automatically. After collecting tweets with the Twitter API, we analyzes the sentiments of them with a
sentiment dictionary. With the proposed system, users can verify the results of the system and can insert new sentimental words or
dependency relations where sentiment information exist. Sentiment information is tagged with the JSON structure which is useful for

building or accessing the corpus. With a test set, the system shows about 76% on the accuracy in analysing the sentiments of sentences

as positive, neutral, or negative.
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key value
id index of the relations array
words words pair of the dependency relation
[modifier, head]
index pair of the relation
location [index of eojeols, index of morphs],[index
of eojeols, index of morphs],
polarity polarity of the relation

idE ‘relations’ W€ AJAHF S YEMTE ‘words'v
AJEBATE dE @] A& AE) Tocations’ 9]}—7474]
el Faoloh g2 0l7) ‘eojeols WIE'F ‘morps’ M

o

{"id" : 5,
“zent iment” @ “positiwve”,
"sentence_polarity” @ 4
“textt - AMEITESEOAY O =
"eojeols" ¢ [
"id" . 0,
“lext . "HIAME
"morps” ¢ [
{ "id” : 0, "morpheme” :
] { "id" : 1, "morpheme” :
I,
i
“id" 1,
"lext E% O] At -,
"morps” ¢ [
“id” 0, "morpheme” @ "
] { "id* : 1, "morpheme" : "
I
{
“id" o 2,
“lex" : MO ",
"marps" ;[
: “id" : 0, "morpheme” :
I,
LEE
{
id" : g,
tlext o CEFHEHIC,
morps" : [
{ "id” : 0, "morpheme” :
{ "id* : 1, "morpheme"” : "
] { "id" : 2, "marpheme” :
i
{
Cign
lex”
morps
] { © 0, "morpheme” : "
¥
1. _
"rel?t|ons" 0
"id" . 0,
“words" : [CObW L, v AT,
"polarity” 1
I,
{
L= R o
“words” o [FHEHC tFEE],
"polarity” @1
}
1
}

A Sl ZEA M HAE AAR] 254 381

| —

4. AL EX} QIE{H O] &

A"l Java A2 JEE Ao Fig 45 A Al

N ERE RERRE!

gedels Aee DelA §EnAe AesiAY QoA
w4e A4 Q98 5 dv @ 24 A9 497 oF
5o 218 skt gl @9 HE JhE BHIY
o ARE FNRAES AR 4 Tk 4 WE 29
A g HLe 47 dol B 4 v GHES w46 A}
g8 e e ¥ 4 on Fig 59 2L Ad
Wol7h Aasm 54 wole] 74 AR taeA AN
& o,

T, "pos” ¢ UMNET, “palarity” : 0O}
"ME ", "pos” : "MMG®, "polarity” : oof
= o " T " " i -

pos" : "NNG", “"polarity” : 0},
Dlﬂg', "pos” : “"P", "polarity" : 0O}
"0t ", "pos" : "UNK", “"polarity” : O}
", "pos” ¢ "MNET, “polarity” : 2},
2", "pos” : "YWW', "polarity™ : O}
"HE", "pog” : "E", "polarity” : 0}
Y, "pos" : “SW", "polarity” : 0O}
“location” : [[ 2, 0], [6,01],
“locat ion” : [[ 5, 01, [6,011,

Fig. 3. A JSON example of a sentiment information tagged sentence
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Fig. 6. A window for showing the sentiment of each sentence
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Fig. 7. A window for polarity modification
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Statistics

[# Stat Summary
[Total sentences : 7310
Positive sentences : 2794
Negative sentences : 1342
Meutral sentences : 3174
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