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Shadow Detection Based Intensity and Cross Entropy for
Effective Analysis of Satellite Image

T

1 34

ool

Hetm g7 Eeolciofsts

o g
o
[0l

Ki-hong Park

Division of Convergence Computer & Media, Mokwon University, Daejeon, 35349, Korea

2 oA

e A Baol ) e Bel M Q) Aol At 94 QA Rlel R AL WA E 4% HHFE v 1A
2) SO SRR A% A o FRET, B Rl A2 Q4 7o) 1 AAl N Bl G A1S 993 7]
A RS e R A2 A 209 ) BAE ol 88 1RAE PEEhs WS AESIT Zek JE el o
o MAY F AR AERAF /IOR A9 AE Fsko] WA 1A Fu G0 WS, Bt g
Ao W) QA o g8l AT A oS AEANT Atk Be) B %) A4 FHES e w APaT,
A5 Ao AR 2UAE 2 Wl B ow SR8 FAsT

[Abstract]

Shadows are common phenomena observed in natural scenes and often bring a major problem that is affected negatively in
colour image analysis. It is important to detect the shadow areas and should be considered in the pre-processing of computer
vision. In this paper, the method of shadow detection is proposed using cross entropy and intensity image, and is performed in
single image based on the satellite images. After converting the color image to a gray level image, the shadow candidate region
has been estimated the optimal threshold value by cross entropy, and then the final shadow region has been detected using
intensity image. For the validity of the proposed method, the satellite images is used to experiment. Some experiments are

conducted so as to verify the proposed method, and as a result, shadow detection is well performed.
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Fig. 1. Shadow detection performance based on the
features of image.
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Fig. 2. Color image and chromaticity image.
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Fig. 3. The process of entropy estimate in gray level
image.
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Fig. 4. The block-diagram of proposed shadow detection.

(a) gray level image of Fig. 2(b)

(b) histogram of (a)
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Fig. 5. Gray level image of figure 2(b) and histogram.
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(a) experimental images
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Fig. 8. The experimental images, and the results of performance evaluation.
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Fig. 9. Threshold value of experimental image 4 [12].




(b) result for experiment;I
image 4
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image 1
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Fig. 10. Reconstruction images of shadow detection region.
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