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ABSTRACT

Recently, research about an electronic attendance-absence recording system has been actively carried out using
smart devices. Using an electronic attendance-absence recording system, professors can check their students’
attendance on a real-time basis and manage their attendance records. In this paper, we proposed a real-time electronic
attendance-absence recording system using face detection and face recognition based on web application. It can solve
the spatial, temporal, cost issues belong to electronic attendance-absence recording system using AIDC(Automatic
Identification and Data Capture). A proposed system is running on web server and made by HTML5(Hyper Text
Markup Language ver.5). So professor connect to server using mobile web browser on mobile device and real-time
manage electronic attendance-absence recording with real-time send or receive image data. In addition, the proposed
system has an advantage capable of installation and operation, regardless of the operating system because it operates
based on the Python flask framework.
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Table. 1 Features for face and object detection

Feature Type Representative Works

Haar-like features
Rotated Haar-like features
Rectangular features with structure
Haar-like features on motion filtered image

Haar-like
features and
its variations

Pixel-based Pixel pairs
features Control point set
Lo Modified census transform

?‘:ar;?srzeesd LBP features

Locally assembled binary feature

Anisotropic Gaussian filters

Generic linear LNMF
features Generic linear features with KL boosting
RNDA

Edge orientation histograms
Spectral histogram
Spatial histogram (LBP-based)

Statistics-based

features HoG and LBP
Region covariance
SURF
Joint Haar-like features
Sparse feature set
. LGB, BHOG
Composite
features Integral Channel Features on HoG and
LUV (Headhunter)
HoG, HSV, RGB, LUV, Grayscale, Gradient
Magnitude
Boundary/contour fragments
Shape Edgelet
features
Shapelet
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Face Detection

The foremost requirement is to capture
the image and that can be done by
scanning existing images or using
camera.

Unique facial data is then extracted

Feature Extraction
from the sample.

The software then decides whether the
sample matches any picture in the
database or not.

Face Recognition

Fig. 1 Face Detection and Recognition Overview
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Fig. 2 Proposed System Network Model
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Captured image
Smart device Web server
Detected image
Web browser Recognized image Image input Detected image

(HTTPS connection)

Face detection

(@ Feature extraction

Face matching

®

@

Attendance-absence
database

Face recognition |

Fig. 3 Proposed System Transition Diagram
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if _name_ =="_main__"
from multiprocessing import Process

context = ssl.SSLContext(ss| PROTOCOL_SSLv23)
contextload_cert_chain('ssl.cert’, 'ssl.key")
app.runthost="0.0.0.0", port=8443, debug=True, ssl_context=context)

Fig. 4 Web Server Start with HTTPS Source Code
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Fig. 5 System Log and Detected Images
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