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The Analysis Framework for User Behavior Model using Massive

Transaction Log Data
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Abstract

User activity log includes lots of hidden information, however it is not structured and too massive to process data,
so there are lots of parts uncovered yet. Especially, it includes time series data. We can reveal lots of parts using
it. But we cannot use log data directly to analyze users’ behaviors. In order to analyze user activity model, it needs
transformation process through extra framework. Due to these things, we need to figure out user activity model analysis
framework first and access to data. In this paper, we suggest a novel framework model in order to analyze user activity
model effectively. This model includes MapReduce process for analyzing massive data quickly in the distributed environ-
ment and data architecture design for analyzing user activity model. Also we explained data model in detail based
on real online service log design. Through this process, we describe which analysis model is fit for specific data model.
It raises understanding of processing massive log and designing analysis model.

m Keyword : User Behavior Model Analysis Framework, Massive Transaction Log Data
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