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m Abstract =

Clustering is one of the leading methods to analyze big data and is used in many different fields. This study deals

with Clustering Validity Index (CVI) to verify the effectiveness of clustering results. We compare the performance of
CVIs with business applications of various field. In this study, the used CVIs for comparing performance are DU, CH,
DB, SVDU, SVCH, and SVDB. The first three CVis are well-known ones in the existing research and the last three
CVIs are based on support vector data description. It has been verified with outstanding performance and qualified
as the application ability of CVIs based on support vector data description.
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