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Drivers Driving Habits Data and Risk Group Cluster
Analysis
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Abstract Driving Event Data such as the rapid acceleration, the rapid deceleration, the sudden braking, and
the sudden departure, and over speeding provide important information to predict or analyze the driving
habits and accident risk of a driver. Most of the data that represent the driver’s driving habits generally fit
to the parametric distribution, whereas extreme parts of the data to estimate the accident risk of a driver
may not. This paper presents an empirical distribution that is divided into two regions, one is from the
normal distribution, and the other is from the general pareto distribution for the driving habits of a driver.
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Table 1. pareto g%—quantile estimate value

q%-quantile paretgsg:r/gtgtéannle

0.01 0.021

0.05 0.0205

0.1 0.0211

0.25 0.023

05 0.0274

0.75 0.035

09 0.0456

0.95 0.0541
Fgeldel dARe 27 A8A 99 Auns
AZZa3 SAS 1015 o83l k-Hi 3

E 2 P 2R 2

Table 2. k-means cluster analysis results

Cluster Non-Risk Risk
Frequencies 140628 16402
mean 0.027 0.058
Standard 0.0059 00151
Maximum 0.044 0.029
Minmum 0.021 0.045
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