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Abstract

In this study, we propose a method for effectively detecting and recognizing the face in image using RBFNNs pattem classifier and
HChCr-based skin color feature, Skin color detection is computationally rapid and is robust to pattem variation for face detection,
however, the objects with similar colors can be mistakenly detected as face, Thus, in order to enhance the accuracy of the skin
detection, we take into consideration the combination of the H and CbCr components jointly obtained from both HSI and YChCr
color space, Then, the exact location of the face is found from the candidate region of skin color by detecting the eyes through the
Haar-like feature, Finally, the face recognition is performed by using the proposed FCM-based RBFNNs pattem dassifier, We show
the results as well as computer simulation experiments carried out by using the image database of Cambridge ICPR.
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o Ahgalelm Fe2E 2 Uehiis T4 S5 10, Tk 2 9.9 93,03
3 96.35% 94.27%

H 2. pRBFNNs IHEEZ7| of2to|g 4 97.45% 95.70%

Table 2. Parameters of pRBFNNs pattem classifier 5 98.54% 98.35%

Parameters Value 6 99.69% 97.37%
Fuzzification Coefficient 2.0 7 99.90% 60.32%
Number of Inputs 30(PCA) 8 99.90% 83.90%

Number of Rules 2~10 9 99.90% 80.52%
Polynomial Type Linear 10 99.90% 78.20%
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Table 4. Face recognition results

Recognition Recognition Recognition Recognition
object rate object rate
1 100 8 94.4
2 100 9 100
3 94.4 10 100
4 97.2 11 100
5 97.2 12 100
6 94.4 13 98.8
7 100 14 100
Mean recognition rate 98.31
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Fig. 12, Skin color detection in situations where the background exists,
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