Joumal of the KIECS. pp. 331338, vol. 11, no. 3, Mar. 31 2016, . 71, pISSN 1975-8170 | elSSN 2288-2189
Regular paper htto:/ /cx.doi.org/10.13067 /JKIECS 2016.1.3.331

ol <)ok BAE et MESZE ol§8 EnpHe) ANz
A4 g

Effective real-time identification using Bayesian statistical methods gaze Network
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ABSTRACT

In this paper, we propose a GRNN(: Generalized Regression Neural Network) algorithms for new eyes and face recognition
identification system to solve the points that need corrective action in accordance with the existing problems of facial movements gaze
upon it difficult to identify the user and . Using a Kalman filter structural information elements of a face feature to determine the
authenticity of the face was estimated future location using the location information of the current head and the treatment time is
relatively fast horizontal and vertical elements of the face using a histogram analysis the detected. And the light obtained by
configuring the infrared illuminator pupil effects in real-time detection of the pupil, the pupil tracking was - to extract the text print
vector.
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Table 1. Conditional probability Table
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