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Abstract

This paper proposes a grade prediction method to measure meat quality in Hanwoo (Korean Native Cattle) using dassification and
feature extraction algorithms, The applied dassification algorithm is an AdaBoost and the texture features of the given ultrasound
images are extracted using SFTA, In this paper, as an initial phase, we selected ultrasound images of Hanwoo for verifying
experimental results; however, we ultimately aimed to develop a diagnostic decision support system for human body scan using
ultrasound images. The advantages of using ultrasound images of Hanwoo are: accurate grade prediction without butchery,
optimizing shipping and feeding schedule and economic benefits, Researches on grade prediction using biometric data such as
ultrasound images have been studied in countries like USA, Japan, and Korea, Studies have been based on accurate prediction
method of different images obtained from different machines, However, the prediction accuracy is low, Therefore, we proposed
a prediction method of meat quality, From the experimental results compared with that of the real grades, the experimental results
demonstrated that the proposed method is superior to the other methods,
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Table 1, Prediction ratio for the proposed method
Grade 1++ 1+ 1 2 3
1++ 100 0 0 0 0
1+ 0 100 0 0 0
1 0 0 55.56 0 0
2 0 0 33.33 86.67 12,5
3 0 0 11,11 13.33 87.5
Avg. 80.95 %
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