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Abstract This paper proposes algorithm to reduce the computing time in a neural network that reduces
transmission of data for tracking mobile objects in surveillance networks in terms of detection and
communication load. Object Detection can be defined as follows : Given image sequence, which can forem a
digitalized image, the goal of object detection is to determine whether or not there is any object in the image,
and if present, returns its location, direction, size, and so on. But object in an given image is considerably
difficult because location, size, light conditions, obstacle and so on change the overall appearance of objects,
thereby making it difficult to detect them rapidly and exactly. Therefore, this paper proposes fast and exact
object detection which overcomes some restrictions by using neural network. Proposed system can be object
detection irrelevant to obstacle, background and pose rapidly. And neural network calculation time is decreased
by reducing input vector size of neural network. Principle Component Analysis can reduce the dimension of
data. In the video input in real time from a CCTV was experimented and in case of color segment, the result
shows different success rate depending on camera settings. Experimental results show proposed method attains
30% higher recognition performance than the conventional method.
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(Table 1) In the movie of the same background
object detection experiment

Number D?te . Detection | The average
ction| Failure .
of . success search time
. succ | detection .
images | rate(%) (in seconds)
Object 1 100 98 2 98 0.012048
Object 2 100 96 4 9% 0.145631
Object 3 100 98 2 98 0.009524
Object 4 100 100 0 100 0.019417
Object 5 100 96 4 9% 0.009709
Object 6 100 95 5 9% 0.019048
Object 7 100 98 2 98 0.009709
Object 8 100 97 3 97 0.015021
Object 9 100 98 2 98 0.016598
Object 10| 100 99 1 99 0.009935
Average 100 975 25 975 0.026664

ﬂgﬁwEﬁgﬂzﬂ% & ol g3kl AR B
T

<] = A
“H CCTVET’:E—H SIS PR PAE-RPA L PA]

Server(Lab)-The camera mounted on the
PC(external 1)

1800
16.00
14.00
1200
10.00

8.00

Reception ratio{Mbps)
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