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ABSTRACT

This paper proposes a prediction model of air traffic controller’s take-off clearance under
mixed mode runway operations. The proposed model has its purpose on the better
prediction of the air traffic controller's clearance on take-offs of departure aircraft by
considering various factors. For this purpose, support vector machine classification algorithm
is used for the proposed model. The proposed model is applied to real air traffic operations
to demonstrate its performances.
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Table 1. Results of Wald test for each
variable
Var w p-value
ATD 7.73 <0.01
GS -2.52 0.01
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Table 2. Classification results using
comparative model

Observed
Clearance| Holding | Total
Clearan 119.4 3.0 1224
earance )

(70.6%) | (21.4%)

Predicted

49.6 11.0
Holdi 60.6

e | 203%) | (78.6%)
Total 169.0 14.0 183.0

Table 3. Classification results using proposed

model
Observed
Clearance| Holding | Total
127.4 3.5
Cl 130.9
CAANCE | 75 406) | (25.0%)
Predicted
. 41.6 10.5
Holding 52.1
(24.6%) | (75.0%)
Total 169.0 14.0 183.0
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Table 4. Prediction performance comparison
for comparative and proposed model

Comparative Proposed
Accuracy (%) 71.26 75.36

Precision (%) 97.55 97.33
Recall (%) 70.65 75.38
MccC 0.28 0.30
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