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ABSTRACT

This paper proposes a robust vehicle detecting method by using Adaboost and CLAHE(Contrast-Limit Adaptive
Histogram Equalization). We propose two method to detect vehicle effectively. First, we are able to judge rainy
and night by converting RGB value to brightness. Second, we can detect a taillight, designate a ROI(Region Of
Interest) by using CLAHE. And then, we choose an Adaboost algorithm by comparing traditional vehicle
detecting method such as GMM(Gaussian Mixture Model), Optical flow and Adaboost. In this paper, we use
proposed method and get better performance of detecting vehicle. The precision and recall score of proposed
method are 0.85 and 0.87. That scores are better than GMM and optical flow.
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