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Abstract - In Internet of things (IoT) area, researches on recognizing human emotion are increasing recently. Generally,
multi-modal features like facial images, bio-signals and voice signals are used for the emotion recognition. Among the
multi-modal features, voice signals are the most convenient for acquisition. This paper proposes an emotion recognition
method using tone and tempo based on voice. For this, we make voice databases from broadcasting media contents. Emotion
recognition tests are carried out by extracted tone and tempo features from the voice databases. The result shows noticeable
improvement of accuracy in comparison to conventional methods using only pitch.
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Table 1 Recognition rate for total data

normal sad happy | angry | accuracy
normal 68% 20% 11% 1% 68%
sad 12% 69% 19% 0% 69%
happy 8% 10% 0% 12% 70%
angry 2% 5% 18% 5% 5%
total 70.5%
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Table 2 Comparison of method using tone and tempo and
method using pitch

Tone + Tempo Pitch[11]
normal 68% 65.8%
sad 69% 71.4%
happy 70% 52%
angry 5% 64.9%
total 70.5% 63.5%
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