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Layer-2 Layer-3 Layer-4

Figure 2.1 ANFIS architecture of two inputs and nine rules
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Figure 3.1 The proposed experiment model of this study
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Table 4.1 Hit ratio of various membership functions

Membership function (MF) Triangular Bell Gaussian
Number of MF 2 3 2 3 2 3
0.5747  0.6051 0.5815 0.6148 0.5707  0.5977
0.5934 0.6074 0.5821 0.6215 0.5771 0.5782
0.5917  0.5883 0.5926 0.6116 0.5777  0.5977
0.5864  0.6068 0.5868 0.6253 0.5771 0.5888
0.5799 0.6003 0.5949 0.6315 0.5742 0.5941

Hit ratio 0.5805 0.5848 0.5780 0.6259 0.5794  0.5823
0.5875 0.6039 0.5856  0.6022  0.5905  0.5811

0.5828  0.5872 0.5844  0.6178 0.5841  0.5838

0.5916  0.5895 0.5803  0.6123 0.5864  0.5829

0.5875 0.5913 0.5792 0.6185 0.5713  0.5817

Average 0.5856  0.5965 0.5845 0.6181 0.5789  0.5868
Standard deviation 0.0057  0.0086 _ 0.0053 0.0080 0.0061 _ 0.0069
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Table 4.2 Result of comparison with other methodologies

Methodology ANFIS (Bell-3)  Neural Network  Decision Tree  Logistic Regression
0.6148 0.5781 0.5490 0.5895
0.6215 0.5666 0.5602 0.5743
0.6116 0.5735 0.5580 0.5965
0.6253 0.5712 0.56519 0.5930
Hit ratio 0.6315 0.5700 0.5569 0.5766
0.6259 0.5660 0.5490 0.5772
0.6022 0.5729 0.5479 0.5801
0.6178 0.5873 0.5518 0.5959
0.6123 0.5735 0.5636 0.5872
0.6185 0.5649 0.5658 0.5848
Average 0.6181 0.5724 0.5564 0.5855

Standard deviation 0.0080 0.0063 0.0064 0.0078
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Figure 4.15 53| g2l3ld Atjdoz AFEo] Wohd 2719 24842 AE ANFISS} v
= A $RY 2442 T ANFIS 2% 0@ e 5 7P 9499 2429 97849 45
St 27 Aol LA e BTHE HolFth webd doleel 53¢ Suted seksta 1 S0 2
W AAAFFE THSE ThE PHEET LT wf S EAE Bkl Qo] S5 PEEo)
g 4 92 ZAelekm 2 4 gtk

Table 4.3 Hit ratio of training, validation, test sets
Methodology ANFIS (Bell-3) Neural Network  Decision Tree  Logistic Regression

Training set 0.6426 0.6081 0.5804 0.6101
Validation set 0.6142 0.5750 0.5710 0.5879
Test set 0.6181 0.5724 0.5564 0.5855

Logistic Regrassion
Decision Tree
Neural Network
Gaussian3
Gaussian2

Bell3 61.81%

Bell2

Triangular3

Triangular2 58.56%

50.00% 55.00% 60.00% 65.00%

Figure 4.1 Hit ratio of various methodologies
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Using fuzzy-neural network to predict
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Abstract

For the effects of the global financial crisis cause hedge funds to have a strong
influence on financial markets, it is needed to study new approach method to predict
hedge fund survival. This paper proposes to organize fuzzy neural network using hedge
fund data as input to predict hedge fund survival. The variables of hedge fund data are
ambiguous to analyze and have internal uncertainty and these characteristics make it
challenging to predict their survival from the past records. The object of this study is
to evaluate the predictability of fuzzy neural network which uses grades of membership
to predict survival. The results of this study show that proposed system is effective to
predict the hedge funds survival and can be a desirable solution which helps investors

to support decision-making.

Keywords: Fuzzy neural network, hedge fund, survival prediction.
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