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Abstract The utilization of Big data in the field of education has spread around the developed countries.
However, in Korea, there are only experimental approaches related to Bigdata, yet for the related researches
and services to appear. Therefore, it is the situation that needs to understand the reason for poor use of big
data in the e-Learning industry, study and seek out alternatives to solve these problems. The result of this
study shows that it was investigated that the high level of understanding of Bigdata has recognized large
impact on e-Learning of Big Data and the more large-scale sales companies have recognized large impact on
e-Learning of Big Data in the e-Learning industry. In conclusion, this study makes a proposal to expand the
training and utilization policies of Bigdata relating to different sales scales.

Key Words : e-Learning Field, e-Learning Business, Big Data, Recognition and Influence, Convergence Analysis

1. M2 met 28 o2 Y(e-Leaming) e £819 w5 S
FHORE AAFHHEA 20% W] &5 A& &
= = O Lo H]EF o] ZLAF) ukx .

2000 2 QIS WISEICTe] A% -l gryo) gy 2ebEgd. MOOC(Massive  Open
Received 13 August 2015, Revised 25 September 2015 © The Society of Digital Policy & Management. All rights
Accepted 20 October 2015 reserved. This is an open-access article distributed under the
Corresponding Author: Kyoo-Sung Noh(Sunmoon University) terms of the Creative Commons Attribution Non-Commercial
Email: ksnoh@sunmoon.ac.kr License (http://creativecommons.org/licenses/by—nc/3.0), which

permits unrestricted non-commercial use, distribution, and

reproduction in any medium, provided the original work is
ISSN: 1738-1916 properly cited.

Journal of Digital Convergence | 51



0|21 =0t2| BlC|o|E{oil &3 QlAalnt Fetof

e
ro
1

Ao
J

o=
38

Online Course), ZH &Y (flipped learning)2] 3oz  AXE T v /] Aoz A Qe Aoz &
olgide 1 49 s AEH oz st ok 2y HA e, ol A ok 2k WA Au
el H o2 olgjde] w&FIY F5A HELE 7] AL AEEo 2 oaH o] M5l EE A A w0
dlo] En X3 Qlths H7h X]HHXJOIOJE} 2ol 9 AupE-g B8 wg, Fd 9 855 ATE

58] sebollsh 7149 S B0z <l AE  ARIS WA AL AW AS ol A
Sgel Hgmeris) oleel BAS WAL £ 91T SW, HW, WEALE THOMDIE Aee
Atk & 2vkEedel Ba AT oh A, EEE N A Ae 35S oug

2o] glo] ghon}, s 7)7] F4el mujel el A A w mHEE e ATk A

=
[
r;'L te e rlo

1o
N oW
A
rﬁ
o
=2
>
1o
)

T ode] A T ol FEHE JFAA & T3k A, AAE AR ol By Ajad Y
LA 7Nke] uARrEy AntE YL oby gdsitt  u§ AMES FEE A 2T oY A
= W7te] 2 o3 ARdarell ofal Alde A7kl A, gk
g 20109 &= A ol FEsH WulelEzE AR 7P A AME]l AAE AR BE AL
v ew &gH7] AFH45] 56] F2e] Hidle] o] Rz Fdom Mo AdE d A% 34
B S TAAQ &8 A 3-8 Zofell thiE Akl aHA Sskar glvk mEdE A, AlR"l FRlE ARYS
sk WAl o7t FRE olFaL o] WHlolE #4 AY] s SNk ) ool AR elA &
7Ike] eabAA, Al A, A 713 Bl vizys R A FHshs QAR Sloh uhehd 2 AT
o Tk sHF7h Hlan QH67). olell wet WHlole] & = 37H AR @ Sloll 5 AN o] Adle st
€ 9 o 2y #3 FA3 AvF Fdakar sl AU T AR o] ol AMYS Sdleks 71E
ofgl FAel ko] ug Folelle] wiEoly & Agem FEste] JyE T
go] =S AR IHI vk 2t T
7% olsh lE AFH o] 9L B v Ay 2.1.2 Olgel &g elAe| 28t S8
Ao Au| 2= obA] ERIA] &1 9= AAo|t) u} gko] ol AFES 7] T AFY A4S 7L
ZhA] o]y Al A ] HldlolEle] &-go] Azt o] W] Wil G Z47] v QlES Ak AlE 5
2 mlolabi o] 2 AT Ao} tlot male] AlFe A TR TLEu SR oed Akl Q1Ee A7
o]}, W57) 8 AL Y& A E7HSME), AR}, ZEl= s
ool & iz ofed Hofe] wEolElo] g Q1) A AL R Al FA AAEE SoR ik
7} o] B3| EAehs AL AT BHoz Frh o)z FUHBL Pl ATk A A E T, awes 4
el & A ofeld Akel @] Mol Bg ol WSHUA el TIgle] RFar gle 2T <3
2 9 gk Qolo] wak AR 2AE swow oleyd ¢ AFS 2 Hrk wEhd £ A= ol 1 el
@ EA7F 914 zpo|} uld|olEle] olaime}l ko] i  AFNA] AT el viFo] CEO/HE, d9H, B
& 147be] BAE P Aotk ol o] Hajz A, AWM, WA/AT So= st dddn,
FEFaclel #ek 24 AAEs EdE dolE #4 7]u
o] olelyd W ke Adstaa} Fho, 2.2 olz1del doolH &€& £4

wqtdo1e] Al ejshd, sfele] - St iy
OIEM Gl o A5 g Aul 27k sk % 714

2. O|2X HHH 5 @M B&E L gtk 53] vFolME v

T:H?—%wr aE A 7|§Eo] vdlelHE &83 us 1

21 0l2d 3 &4 A Au) s g o E Aol A4S Faaka Yri10]. v

211 0l21d9| M Pdnt £ ylglolg vk 39 WS AR Uees Amshd
S olgld A ARl AA"(EFA), FHZ, <Table 1>3 2t}

52 |l Journal of Digital Convergence 2015 Oct; 13(10): 51-58



Convergence Analysis of Recognition and Influence on Bigdata in the e—Learning Field

(Table 1) Education Services utilizing Bigdata in

USA
Service Benchmarking Capabilities
Personalized curriculum development process
C Smart . . . .
oursesm in the digital textbook introduction
LabStats Functions for classroom space management

in the smart classroom establishment

Intelligent learning management through

Civatas Learning interaction with the learner

Machine learning capabilities that connect

Decl . .
cclara knowledge holders and learning tracking
Knewton Personalized learning technologies based

learner competency
. Highly predictive management technology
Noel-Levitz

for optimizing student enrollment

Collection, processing and analysis

Blackboard Analytics capabilities of learner data

Reporting,  visualization and predictive

Desire2Lez . .
esirecLeam analytics through data analysis

PAR Framework |Multi data mining

Supply of personal information based on key

iDashboards S
1Pashboards performance indicators

Learners’ Feedback analysis and personalized

McGraw-Hill Connect . .
learning service

Bigdata for appling school and predictive

Bi .
ebureau analytics tools
Tableau Stufient data analysi§ by  statistics,
achievements, demographic
Jenzabar Web log% analytics of learner and Reporting
capabilities
HCONN Student analysis capabilities via test scores,

KPI, attendance patterns

Source: Kyoo-Sung Noh(2015a), Smart Learning Strategies utilizing
Convergence of e-Learning and Bigdata, Journal of Digital
Convergence 13(1), 487-493.
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(Table 2) demographic characteristics of the

respondents (unit * persons, %)
characteristics cases %
total 29 100.0
system 4 13.8
business |service 20.7
item  |contents 7 24.1
others 12 414
less than 500 million won 3 10.3
sales less than 500~1,000 million won 10 345
less than 1,000~5,000 million won 16 55.2
others - 0.0
CEO 9 31.0
executive 11 379
position |manager 4 138
employee 2 6.9
academia/researchers 3 10.3
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(Table 3) Results of Regression Analysis

non-standardized |standardized
coefficients coefficients significance
model tandard b | probabilit
B standar beta P v
error
(constant) | 5613 553 10.143 .000
understan |- g 105 576 |3661| 001
ding
R Square 332

724 2%, A4 561300, A5 03%50]
FA4e 4 13 2ol i@ 4 ek =F R
13
=

0.3320] 2

y = 5.613 + 0.385x
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(Table 4) Results of One—way Variance Analysis

signifi
sum of mean cance
df F
squares square probab
ility
(combined) 2134 3 o1 |.195] .89
between ron 56 | 1| 596 |28 7

linear | weighted
term | weighted 540 1 540 | .116| 737
deviation | 2.194 2 1.097 | .235| 792
within-group 116.714 | 25 | 4669
total 119448 | 28
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(Table 5) Results of One—way Variance Analysis

signifi

sum of gf | mean | | cance

squares square probab

ility

(combined) 20.382 3 | 6794 |1714| 190

betwee | 1O 118190 | 1| 18190 [4590| 042
n-grou | linear | weighted

ps | term | weighted | 17.290 1 | 17.290 | 4363 | .047

deviation | 3.092 2 1546 | .390 | 681

within-group 99.067 25 | 3963
total 119448 | 28
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(Table 6) Results of One—way Variance Analysis

signifi

sum of mean cance
df F

squares square probab

ility

(combined) 30.893 4 7723 12093 | .113
betwee non
n-grou | linear | weighted 881

—_

881 | 239 | 630

ps term | weighted | 1.102 1 1102 | 299 | 590
deviation | 29.791 3 9930 |2.691| .069
within-group 83.556 24 3.690
total 119448 | 28
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(Table 7) Results of One—way Variance Analysis

signifi

sum of a mean F cance

squares square probab

ility

(combined) 5575 3 | 1858 [ 975 | 420

betwee | non o | 1| 0 | 010 | sm
n-grou | linear | weighted

ps term | weighted 260 1 260 | 136 | 715

deviation 5315 2 | 2668 |1.394| 267

within-group 47667 25 | 1.907
total 53.241 28
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(Table 9) Results of One—way Variance Analysis

signifi
sum of da mean F cance
squares square probab
ility
(combined) 13.383 4 3346 |2015| 124
betwee non -

. . 1571 1 1571 | 946 | 340
n-grou | linear | weighted

ps | term | weighted | 2.244 1 2.244 1351 .256

deviation | 11.138 3 3713 |2236| .110
within-group 39.859 24 1.661
total 53.241 28
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Division Contents Results
(Table 8) Results of One—-way Variance Analysis Hyothe | 1€ understanding of Big data will affect the
le: 1 awareness about the impact of e-Learning of| Accept
signifi Big data.
sum of mean cance There would be significant differences in
df F Hypothe
squares square pr'(?bab ”SI.S 9 understanding of Big data among the| Reject
ility e-Learning business domains.

(combined) 14.267 3 4.756 | 3051 | 047 Hypothe There would be significant differences in
betwee ' TIOH 12.449 1 |12449] 798 | 009 s i< 3 understgnding 'of Big data among the| Reject
n-grou | linear | weighted e-Learning business scales.

ps term | weighted | 13.817 1 13817 8863 | .006 Hypothe There would be significant differences in
deviation 450 2 225 | 144 | 866 :; 4 understanding of Big data among the| Reject
within-group 38.974 25 | 1.559 e-Learning business executives and employees.
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