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Abstract

Stereo images have an advantage of calculating depth(distance) values which can not analyze from 2-D
images. However, depth information obtained by stereo images has due to following reasons: it can be ob-
tained by computation process; mismatching occurs when stereo matching is processing in occlusion which
has an effect on accuracy of calculating depth information. Also, if global method is used for stereo match-
ing, it needs a lot of computation. Therefore, this paper proposes the method obtaining disparity map which
can reduce computation time and has higher accuracy than established method. Edge extraction which is im-
age segmentation based on feature is used for improving accuracy and reducing computation time. Color
K-Means method which is image segmentation based on color estimates correlation of objects in an image.
And it extracts region of interest for applying Loopy Belief Propagation(LBP). For this, disparity map can be
compensated by considering correlation of objects in the image. And it can reduce computation time be-
cause of calculating region of interest not all pixels, As a result, disparity map has more accurate and the
proposed method reduces computation time,
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(a) Projection process, (b) Simplification to 1-D
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