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Abstract

In this paper, we propose a classification algorithm based on the obtained EEG(Electroencephalogram) signal for the
control of 'left’ and ’right' turnings of which a driving system composed of EEG sensor, Labview, DAQ, Matlab and
driving robot. The proposed algorithm uses features extracted from frequency band information obtained by DWT(Discrete
Wavelet Transform) and selects features of high discrimination by using Fisher score. We, also propose the number of
feature vectors for the best classification performance by using SVM(Support Vector Machine) classifier and propose a
decision pending algorithm based on MLD(Maximum Likelihood Decision) to prevent malfunction due to misclassification.
The selected four feature vectors for the proposed algorithm are the mean of absolute value of voltage and the standard
deviation of d5(2-4Hz) and d2(16-32Hz) frequency bands of P8 channel according to the international standard electrode
placement method. By using the SVM classifier, we obtained 98.75% accuracy and 1.25% error rate. Also, when we
specify error probability of 70% for decision pending, we obtained 95.63% accuracy and 0% error rate by using the
proposed decision pending algorithm.
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