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B Abstract &

As a public medium and one of the big data sources that is accumulated informally and real time, online news
comments or replies are considered a significant resource to understand mentalities of article readers. The comments
are also being regarded as an important medium of WOM (Word of Mouse) about products, services or the enterprises.
If the diffusing effect of the comments is referred to as the degrees of agreement and disagreement from an angle
of WOM, figuring out which characteristics of the comments would influence the agreements or the disagreements
to the comments in very early stage would be very worthwhile to establish a comment based eWOM (electronic WOM)
strategy. However, investigating the effects of the characteristics of the comments on eWOM effect has been rarely
studied. According to this angle, this study aims to conduct an empirical analysis which understands the characteristics
of comments that affect the numbers of agreement and disagreement, as eWOM performance, to particular news
articles which address a specific product, service or enterprise per se. While extant literature has focused on the
quantitative attributes of the comments which are collected by manually, this paper used text mining techniques to
acquire the qualitative attributes of the comments in an automatic and cost effective manner.
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Howie Lisnoff lazsachusetts * 1 hour ago

Whether of not Congress votes to end the collectmn of metadata,

spy agencies will continue to do so. This has less to do with national
security than the appearance that government is all-powerful and that the
ordinary individual's right to privacy means very little.
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(Table 1> Source of Obtaining Comments(e.g Naver News)

Characteristics of comments Sample Code
Comment ID <li class = “_snsUser(OMWq3kG25iA =, naver) _commentReplyNo(1083954)">
<div class = “comment_area _comment_area comment_area_over >
User ID <div class = “author_wrap”>
<div class = “author”™>
<span class = “maskname”> 3765#xsx </span> </div> </div>
Content <p class = “txt”> Again! Seoul Gyeonnggi Chunchung Cheju. We are not different
from each other. Please do not say bad things about each other. Please, stop it! </p>
Time <div class = “func”>
<span class = “date”> 2015.01.08 8 : 22pm </span>
Likes <span class = “btn_recomm”> <a href = “#” class = “_check_layerlogin
_sympathy(1088954) _nclicks(rpl.sym)”> Likes </a> <em> 0 </em> </span>
Dislikes <span class = “btn_recomm”> <a href = “#” class = “_check_layerlogin
_antipathy(1088954) _nclicks(rpl.opp)”> Dislikes </a> <em> 3 </em> </span>

(Table 2> Dependent Variables and Operationalization

Dependent Variables Operationalized definition Type
Likes The number of likes at the finish time of data collection Integer
Dislikes The number of dislikes at the finish time of data collection Integer
. . . . . . . . . Time
Time to inflection point Elapsed time from start point to inflection point (minutes)
Likes/dislikes at inflection point The number of likes/dislikes at inflection point Integer
A FMERYE AL guiF 8% 9 33 S © 6BAS| Bt /Y
29 JuY wx AF I FHHE FRH o]
= Irp= AL Jehith B suda) 2 2 =4 dEY AE AFE d2d dig &
o 2 BAsls Aow WMad wuale Tzt el S7F SX(velocity), E9H(saturation) =] A
TR AL ok % 7Vsh= 7]17H(duration), 2Z5F & A= ofs}

Syntactic features:
- message length

Reader’'s WOM
- likes
- dislikes
-time to inflection point
- likes at inflection time
- dislikes at inflection
time

Semantic features:
- message valence,
- message intensity

Initial response:
- likes at initial time,
- dislikes at initial time

(Figure 2> Research Model
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(Table 3) Independent Variables

2ol AP, o

)

Independent Variables Operational Definition Type
Message valence The positiveness/negativeness of a comment published by a reader Real
Message intensity Degree of strength of the words used in a comment Real
Message length The number of words used in a comment Integer

. . Types of the pattern of increase of likes/dislikes about a comment .
Type of likes/distkes curve from publishing time(1 : increasing, 2 : stagnant) Integer(binary)
Likes/dislikes at initial time The.number of likes/dislikes of a comment at 10 minutes since Tnteger
published by a reader
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(Table 5) Simple Statistics of Likes/Dislikes for Each Increasing Type

167

Debates Liked Disliked Apathy Total

Likes 995,505 102,746 22,100 13222 90,566
S (283.959) (220.006) (26.231) (13.620) (200.205)
Didlikes 51.033 8323 11700 2970 15750
(113.788) (9.633) (14.164) (3637) (57.606)

. . 71.669 66,500 53,683 65.008
Time to inflection point (377%71%‘; (37.259) (42.498) (46.239) 42.710)
ke at inflection ot 198.258 RE77 21,500 12.874 82,924

es at milection b (265.009 (216.3%) (25.180) (13.440) (190.994)
Didlkes at infloction toint 617980 43854 23,200 19.952 38927

SHKes at miiection b (30.329) (43991) (24.032) (32.725) (40.203)

The number of dislikes at 44,899 7.962 11.300 2,904 14215
inflection point (94.016) (9.34) (13.864) (3.645) (48.003)
Likes at initial fime 71.910 53785 15.100 10,581 38662

s (143.042) (128.862) (23.015) (13.017) (103.946)

- o 14281 5523 7.100 2311 6.177
Dislikes at initial time (25.423) (8.103) (10.986) (3218) (13980)
Mescare valence - 6299 -0.346 -0.400 042 ~0.444

e (1.145) (1.226) (1.114) (1.029) (1.130)
Messane infensit 3329 3020 2151 3,064 3082

essage ntensity (2.504) (2.460) (1.276) (3.146) (2.766)

N gt 10.955 10.077 6.700 10.497 10.366

essage feng (8.752) (9.049) (4.360) (11.018) (9.809)
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(Table 6y Difference of Likes/Dislikes for Each Increasing Type

Type of likes/dislikes increasing (increaslfrlll;itagant) (incregrsllgﬂfiagant)
The number of likes 138.948™ -52.928"
The number of dislikes 2207 41747
Time to inflection point 53.604™ 25.296""
Likes at inflection point 70.361"" 36387
Likes at initial point 50.314™ 36.680™"
Dislikes at initial point 6.500™" 9.838™
Message valence -.042 -.082
Message length 151 212
Message intensity 143 171
(Table 7> Summary of Hypotheses Testing Results
1D Hypothesis Results
H1-1 | Increasing type has more number of likes than stagnant type. Supported
H1-2 | Increasing type has more number of dislikes than stagnant type. Supported
H2-1 | Message negativeness will be positively associated with the number of likes. Supported
H2-2 | Message negativeness will be positively associated with the number of dislikes. Supported
H3-1 | Message intensity will be positively associated with the number of likes. Supported
H3-2 | Message intensity will be positively associated with the number of dislikes. Not supported
H4-1 | Message length will be negatively associated with the number of likes. Supported
H4-2 II;/[O?SEage length will be negatively associated with the number of likes at the inflection Supported
H5-1 | The number of likes at initial time will be positively assoaited with the number of likes.| Supported
H5-2 Elgﬁkrelz.mber of dislikes at initial time will be positively assoaited with the number of Supported
Q= A7, 0AFHAM FAPE dvist AA JFS Fvl, Wole] i pAH
o Xiol Al iE 27 127 B4, A2 B & Fn Ak 293 3040 asddAe) #
), A(AAH &), A(H=Ho]), 5(HZ9 THAA) Heolle 27 T3, 7] vl S AARA o
= 7H 7 g, 3 Qoo e SRS B4
<Table 8> 9]¢ oAl 74x] FHM1 Zz}d| A e FE Aow YEyTh
sl B39 B4s Sl AT Axjoltt | vl disid e WA JF e oA
A A HA oA HF Fardde 27 38T Z7] Alezkrnte] A FRS T 27 2%
oF 27] vl SRARA dFE, WEY T o] Aede StErE A% vedae dh
TS FAAY Qs 7 Aow ekt 3 of Ao YEpsith Hlegtae] W R &
A T Wy mgel AaFe ARME 2 L5 AR A9 27) e A 9%
71 s3krst 27) ulEgkaeelel dojel Awrt & & FA, 2] SR8 FAA 9% =
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(Table 8) Effects of the Characteristics of Comment on WOM Response
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Likes Dislikes
Dependent Time to The number Time to The number
Variable Thff ?ﬁ‘(r:;f’er inflection of likes at To}%e drjls‘ﬁﬂf inflection | of dislikes at
point(likes) inflection point point(dislikes) | inflection point
Const. 10.206 62531 6.235 -3.497 34.007" -2.067
(6.693) (3.403) (5.427) (2.582) (3.190) (2.088)
Likes at 1.598™ 039" 1,539 -0.096"" 031 -071™
initial time (.043) (.022) (.036) (.016) (.021) (.014)
Dislikes at 2692 435 26627 3708 449" 3.093™
initial time (.324) (.167) (.266) (.125) (.156) (.102)
Message -10.725" 206 -6.339" -1.9%6 -5.406™" -1.345
valence (4.178) (1.898) (3.027) (1.612) (1.779) (1.164)
Message 3.528 4136 5479 0.542 204 74
intensity (4.700) (2.143) (3.349) (1.813) (2.262) (1.480)
Message -1.339 -1.377" -1.830" -0.241 =202 -.294
length (1.318) (677) (1.080) (.508) (635) (415)
R-Square 916 04 880 340 062 718
F-Value 409.844™ 4490 570419 187.904™ 51727 198.855™
Note) “p < 0.1, “p < 0.05, "™ p < 0.01, parentheses indicate standard deviations.
L e R e e R e L B B e e olgb= d9)7} giZe] 74 o7 tla) A Al
ZANERE e Wl ent 20 oAwe mashs o] 1Al o) ohe 54
Baoks WS BAR Aow AN o E e e mHes ¥ 4 Utk % Aol
MY wHe] AQEE Aol U7 245 dF mEgelhs B Bl ¢ A wE 44
< Ee AR ¥ @¥stA 34 B v o] &= dEo] HF sl 2SS tE =3
= oopulole), 24 A5} 2] B 221 IEE BhA OIS S A2 4 Qe 93] 97 i
T, doje] ArE B WA Edd AQEE A ojth. 2% 7] wjEell %71 vlEFrt ol atA
Gt o) ARATE U AeE Uekdeh EE vk 28 2710 o] 2 wAle] b W
gz gBdols FAOR Rol) KRN Ao wuske Al B3e Fhu @ 4 Aok
o Rkl g}, o] 7HdelA Brelnt di= AR ¥ A2 THAge] 3ol Mo ksl B
P ol YAk Aoltt. et HEe] - & AEFE = AoR JHAAT 32 E
Re Byhel MAY BRAG Dol Ak AE FnaA JedA skt 2 olfi o
Feel WAl me Aol dFe T Fo] 23 gl 540 dFE Fi o 47
291 el 3] fiF AARANE 27 WTT  Hoh 3L WME SE Yoiagel 37} A,
ok ABUOE A OB < 009,  ABE AT A4 AT Be Fol ABL
g2dole 59 43S A Ao s e e AR Hell mhEA o}7] wiie] HiEo] 2t
(B = 1370), 92E Ut SAZL @S AUl de AARdE ARHoR o 4 gt A
Feolel SEE olalel 37 4 e 2ol A oA WA WS Gt Ao 33 A £
717F Btk As 29 & 5 S0k wgk 2709 Aol Al Bige] A Avd Ao R FA
7L frelmsAl YeRstHp < 0.05). HlER g A3E UER slog Belth
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