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Extraction Method of Multi-User’s Common Interests
Using Facebook’s ‘like’ List

Yeonju Lim" - Sangwon Park™

ABSTRACT

The today’s rapid spread of smartphones makes it easier to use SNS. However, it reveals only their daily life or interest.
Therefore, it is hard to really get to know the detailed part of multi-user’s common interests. This paper proposes a content
recommendation system which recommends people wanted by identifying common interests through SNS. Recommendation system
includes proposal formula considering people wanted and deviation in group. After simulation, the proposed system provide high-quality
adapted contents to many users by recommendation item according to the common interest. Number of cases about formula are four.
It recommend contents that they have many number of 'like’ and few number of deviation in users. The proposed system proves by
simulations of four cases and read user’s 'likes’ data. It provide high—quality adapted contents to many users by recommendation item

according to the common interest.

Keywords : Common Interests Recommendation, Facebook ‘like’ List
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Table 1. Related Research Comparison

ge F=sot= 71Y 2N

The multiplex contents User—based Map-Reduce Video
recommendation based Collaborative James[8] DCR Algorithm recommendation
on clusters Filtering system
Recommendation type Personal Personal Personal Personal Personal
Examples of .
recommended MUSIC.’ .Broadca.St’ X Video X Video

Advertising, Article

contents
Development of Improvement of
Purnose Personalized content existing Personalized video |[Personalized contents| Personalized video
P Intelligent recommendation recommendation recommendation recommendation
Recommendation Agent system
data for verification X A-Data Youtube Data Twitter Data MySpace Data

Table 2. Difference between Existing Related Researches and this Paper

Existing Relative Researches

This Paper

Contents recommendation for a certain user

Contents recommendation for group

Similarity measurement after analyzing a user’s past purchase
information

Identify user preferences by analyzing the list of Facebook 'Like’

Contents recommendation for recommended target users based on
the similar history

Contents recommendation with consideration for degree of
similarity and difference between the group user preference
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“category”t Foodfbeverages”,
“category_list™: [
i
“id™: "1BT4BE3246103817,
“natne”: "Foed Consultant”

“id™: "193B317106444587,
“natne”: “Ttalian Restaurant”

“id™: "L0B3BEE3500TBAT",
“narme ™ "Newspaper”
i
I
“namme” “ltalian Food”,
“created _time™: "ED14-DB-1ETOE:62:32+00007,
“id”™: 944224 ZDB5E”

“category” "Cuisine”,
“namme” "Pizza”,
“created _time™ "ED14-DB-1ETOE:48:50+00007,
“id™: "1B69BY16B975R4EER "
I8

Fig. 2. 'Like’ List Using Graph API
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Table 3. Example of Normalizing
Korean Food Chinese Food Total
n rate(%) n rate(%)
user A 2 0.2 8 0.8 10 1
user B 20 0.2 80 0.8 100 1
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Table 4. Validation Data of Experiment 1

Food / % user 1 user 2 user 3 user 4 likes,, T G, u;
Korean 0.188 0.188 0.063 0.063 0.502 0.063 7.968 0.078
Chinese 0.188 0.250 0.312 0.183 0.938 0.052 18.04 0.042
Western 0.063 0.063 0.125 0.250 0.502 0.240 2.092 0.164
Japanese 0.063 0.063 0.063 0.188 0.377 0.055 6.855 0.046
Fast food 0.250 0.312 0.375 0.250 1.187 0.052 22.83 0.000 |
Flour based 0.250 0.125 0.063 0.063 0.501 0.076 6.592 0.052
Total 1 1 1
Table 5. Validation Data of Experiment 2
Food / % user 1 user 2 user 3 user 4 likes, o ¢ U,
Korean 0.188 0.250 0.250 0.188 0.876 0.032 23.37 0.001 |
Chinese 0.125 0.063 0.125 0.313 0.626 0.094 6.660 0.787
Western 0.188 0.312 0.188 0.188 0.876 0.055 15.93 0.007
Japanese 0.125 0.125 0.250 0.063 0.563 0.212 2.656 0.066
Fast food 0.313 0.063 0.125 0.063 0.564 0.102 5.530 0.057
Flour based 0.063 0.188 0.063 0.183 0.502 0.063 7.968 0.024
Total 1 1 1
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Table 6. Validation Data of Experiment 3

Food / % user 1 user 2 user 3 user 4 likes, o ¢ u;
Korean 0.125 0.438 0.188 0.188 0.939 0.120 7.825 0.022
Chinese 0.125 0.063 0.188 0.125 0.501 0.045 11.13 0.017
Western 0.188 0.125 0.250 0.188 0.751 0.045 16.69 0.009
Japanese 0.188 0.063 0.063 0.188 0.502 0.063 7.968 0.024
Fast 0.250 0.188 0.250 0.183 0.876 0.032 27.38 0.006 |
Flour based 0.125 0.125 0.063 0.125 0.438 0.017 25.76 0.007
Total 1 1 1 1
Table 7. Validation Data of Experiment 4
Food / % user 1 user 2 user 3 user 4 likes,, oy, ¢ u;
Korean 0.333 0.100 0.260 0.250 0.943 0.241 3914 0.070
Chinese 0.100 0.100 0.080 0.133 0.310 0.048 6.458 0.023
Western 0.100 0.100 0.110 0.090 0.400 0.007 57.14 0.003
Japanese 0.100 0.200 0.170 0.130 0.600 0.038 1.579 0.011
Fast 0.100 0.300 0.133 0.130 0.660 0.079 3.354 0.030
Flour based 0.222 0.222 0.230 0.210 0.884 0.009 98.27 0.002 l
Total 1 1 1
WS BAG12] HolAas ALEA $7F Wi ‘Fols’ H A 2: 7t 3 ‘Folg FIt sYE FS 2
ES rEE WSE R AZels] uid AgAEe g W Aol2% AR 2 AHnY HEE B
Folp’ F 4R 12 wugol o FEasn A% 1Bk,
o] 28 AHEATL B Fohe UABolN S4o)2E
H%Z§ T =3 712 F}E b‘]./ﬂ = Al oFAl o]
u‘l‘# ‘l; TEO}Oq 6 ]’ ] }‘ﬂ FJ( '6; ‘ ¢, =2 Table 5= /\16’4 2°ﬂ EH@ _]%_ ] ] 1 ]li|' ?ﬂ'éhq' Oobi]
X, AEFE, B BRadn. Auands A% o4
A o= = 11k o HZ e 2 likes, 7} 087622 FL3It) & 4% Ho| A& ALMEAE
= S e D} 20145 ]L—Ai T O Ak O] 6’]—/“—9— = O]—o]—-“—‘— A_%_O]_Jg-v ‘{’:9’]_ O]:/.\_]—% ; }'O]’L 5}_0}_‘”-7
e shtel agoz Agsa Agdeldate A

aL o

oldgt Hlo|HE A A T diF & Ae
B¢ MR FHAT & =iolA ARbste dAY
2 AEHlA tolE e} AA HolAE A&Ate] HolH
2 A5 otk

49 1:2§ W Aol2% A4 ¢ Adng 4EE
Bt 59T A% Fota' £8 mAT

Table 4= A3 1o O HF Eﬂ°1E1°1E}. TA I x
EFEE o 7) 00522 Fdaith F, 4we
AEo] AL MEde AR} @ iE—%E% Msste 9
s

A7b Bdeitis AL oustl Aap} 7R Zoma Els)
q

7] Wige] ofd ZlEElE 1F W 35 HIER FHAEFY
of &= Melsty] ofgth oldl Ag ‘Fotr & 1y
Aorst Equation (D)o d&3lH FH5 o2 HAsste 7HH 1
gE 1F U FH3E F sk

=2 7}l & Equation (Dol H43E& W ¢ 1842
F AR =t JAEF= JHH 18]S Equation (1)o] &
95 v 22832% M =vh wEA 2F W 3% M
TE frEFson I fAEFEE 7 002 JHE
v BytEr g polt

—?7} T3t AS vt

‘FolQ’ 7t 7MY B2 FHEH Y E TSR AEE)
A7 FAo] & 4 otk EAINE HolAE ALEAE9] 3
7He 2L F/]Oﬂ gt Ase AA7E adkd A A%
A& g gk [LPE}H *435‘_ A }% 5 nesjof stk

@2 FHE
= 2337& 7}1* =7 HH%S_—Oﬂ 1—%
) E

a1gE Aot h‘ﬂ EQUdUOH (1)ol] %
AR e AL 2 S Sil‘:}.

AY 3:32F W dolaf A 2 steze A
A7t g AL JteaEst F2A ¥
EE ohyth

u)

Table 62 23 3¢l g #Z dlojglo|ct. &4 7}8 e

0,7t 00172 71 ot 25 dl 4389 Foj2E AHex

01 22 e g g8 1§ Folgthe AL o sitt

A uF HAR7} 7W v v‘i«*—!% O Ul T %ME A Al
B

L ol i rlr
N

2 E‘rE 7}51] ﬂ‘)ﬂ ]OH ME w7t gl “H% =3
B2 Fleag]S A ¢re Equation (D 28-S A$



HOIASEO E0t2’ 2IAES 0180 OIS S8 ftaMgs =sttk= 718 275
Table 8. Validation Data of Experiment 1 to 5 Using Real Data
Food / % userl user2 user3 user4 userd userb user? users user9 userl0

Korean 0.333 0.077 0.091 0.727 0.625 0.429 0.286 0.500 0.400 0.333

Chinese 0.083 0.231 0.000 0.091 0.000 0.000 0.000 0.000 0.200 0.000

Western 0.250 0.308 0.181 0.000 0.250 0.286 0.143 0.167 0.000 0.000

Japanese 0.167 0.000 0.181 0.091 0.000 0.000 0.000 0.000 0.200 0.500

Fast 0.083 0.154 0.364 0.000 0.000 0.000 0.571 0.167 0.000 0.000
Flour based| 0.083 0.231 0.181 0.091 0.125 0.286 0.000 0.167 0.200 0.167

Total 1 1 1 1 1 1 1 1 1 1
Food / % userll userl2 userl3 userl4 userld userl6 likes, o c; u;

Korean 0.444 0.571 0.667 0.600 0.500 0.375 6.958 0.181 38.44 0.173 I

Chinese 0.111 0.143 0.000 0.000 0.167 0.125 1.151 0.062 1857 0.380

Western 0.111 0.143 0.167 0.000 0.000 0.000 2.006 0.078 25.72 0.436

Japanese 0.111 0.000 0.000 0.200 0.333 0.375 2.158 0.143 15.10 0.760

Fast 0.000 0.000 0.000 0.200 0.000 0.125 1.664 0.137 12.15 0.890
Flour based| 0.222 0.143 0.167 0.000 0.000 0.000 2.063 0.061 33.82 0.328

Total 1 1 1 1 1 1
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