Journal of The Korea Society of Computer and Information www.ksci.re.kr
Vol. 20, No. 4, April 2015 http://dx.doi.org/10.9708/jksci.2015.20.4.017

Two-Phase Clustering Method Considering Mobile App Trends
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Abstract

In this paper, we propose a mobile app clustering method using word clusters. Considering the quick
change of mobile app trends, the proposed method divides the mobile apps into some semantically similar
mobile apps by applying a clustering algorithm to the mobile app set, rather than the predefined category
system. In order to alleviate the data sparseness problem in the short mobile app description texts, the
proposed method additionally utilizes the unigram, the bigram, the trigram, the cluster of each word. For
the purpose of accurately clustering mobile apps, the proposed method manages to avoid exceedingly small
or large mobile app clusters by using the word clusters. Experimental results show that the proposed
method improves 22.18% from 57.48% to 79.66% on overall accuracy by using the word clusters.
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Table 1. Classified Mobile App Samples
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Figure 1. Some Mobile App Cluster Examples
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Fig. 2. Two-Phase Clustering Model
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P unigram bigramy/trigram Clof=E
AR FA B AR . . W1 W1
SEAIR SHEwA
sRsoorn | SOEEEEE v
(@ %o smx i BV RV
ATIAZ HHAZ
A2 ZH A2 e Slolals W1 W1
NE e W1 W1
HiCH 24 T A W2 W3
) EfZ JAE T HICkEM Hicky] W2 W2
HiCh DM F2 Bl HICISA| W2 W3
A S8 My HE W3
o s | ikl sikapiols | wa s
YN HICKA| HICEHAPOIE | W2 W2
(c) | gM = 2 27| Sopy| XX W3 W3
ZEx0l =X AA = o=
| Ay A [ W3




20 Journal of The Korea Society of Computer and Information April 2015

E 3 ciof 2 oAl
Table 3. Some Word Cluster Examples
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Fig. 4. Distribution of Number of Clusters and Accuracy According to Mobile App Cluster Size
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