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Table 4.1 Logistic Regression Summary with u = (Wt, RCC)T

Coefficients ~ Estimate  Std.Error  Est / SE p-value

Intercept -32.3526 4.41318 7.331 <.00001
Wt -0.10834 0.02307 -4.696 <.00001
RCC -5.15424 0.78450 -6.570 <.00001
Number of cases: 202
Degrees of freedom: 199
Pearson X?2: 208.850
Deviance: 124.289
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Figure 4.1 Chi-residual plot with w = (Wt, RCC)T
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ot webA Bye] AdatA ka4~ Utk Figure 44904 7 ud} SSFO FHRPAAEE B
W 3o FEFAE0] dAsHA doenw JA] Byo] Adsirta & 4 jlk
Table 4.2 Logistic Regression Summary with w = (Ht, SSF)T
Coeflicients Estimate Std.Error  Est / SE p-value
Intercept 42.5342 7.27904 5.843 <.0001
Ht -0.268303 0.04336 -6.188 <.0001
SSF 0.087722 0.01457 6.022 <.0001
Number of cases: 202
Degrees of freedom: 199
Pearson X?2: 245.185
Deviance: 109.115
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Figure 4.3 Chi-residual plot with w = (Ht, SSF)”
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Abstract

Graphical paradigms for assessing the adequacy of models in logistic regression are
discussed. The residual plot has been widely used as a graphical tool for evaluating the
adequacy of the model. However, this approach works well only for linear models with
constant variance, and the alternative approach, the marginal model plot, has its defects
as well. We suggest a Chi-residual plot that overcomes the potential shortcomings of

the marginal model plot.

Keywords: Binary regression, chi-residual plot, logistic regression model, marginal
model plot, residual plot, weighted residual.
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