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( Adaptive Matching Method of Rigid and Deformable Object Image
using Statistical Analysis of Matching-pairs )
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Abstract

In this paper, adaptive matching method using the same features for rigid and deformable object images is proposed. Firstly,
we determine whether the two images are matched or not using the geometric verification and generate the matching
information. Decision boundary which separates deformable matching-pair from non-matching pair is obtained through
statistical analysis of matching information. The experimental result shows that the proposed method lowers the computational
complexity and increases the matching accuracy compared to the existing method.

Keywords : Rigid image matching, Deformable image matching, Statistic approach.
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Flowchart of proposed image matching system.
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2: Example of feature matching—pairs.
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(@) SMVS dataset (Synthetic deformations)
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(b) Clothing images (Real deformations)

Fig. 6. Example of Synthetic deformable images using TPS transformation and Clothing images.
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