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Vocabulary Recognition Model using a convergence of Likelihood
Principla Bayesian methode and
Bhattacharyya Distance Measurement based on Vector Model
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Abstract The Vocabulary Recognition System made by recognizing the standard vocabulary is seen as a
decline of recognition when out of the standard or similar words. The vector values of the existing system to
the model created by configuring the database was used in the recognition vocabulary. The model to be formed
during the search for the recognition vocabulary is recognizable because there is a disadvantage not configured
with a database. In this paper, it induced to recognize the vector model is formed by the search and
configuration using a Bayesian model recognizes the Bhattacharyya distance measurement based on the vector
model, by applying the Wiener filter improves the recognition rate. The result of Convergence of two method’s
are improved reliability experiments for distance measurement. Using a proposed measurement are compared to
the conventional method exhibited a performance of 98.2%.
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[Fig. 11 HMM(Hidden Markov Model)
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(Table 1) Non—Noise Environment Recognition

Rate
Recognition Rate (%)
Speech . Proposed
Euclidean DTW Method
S h 97.3 97.6 98.6
Dépeféem 9%.1 %.7 9.1
P %6 %69 979
Average 9.7 97.1 R.2
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(Table 2) Noise Environment Recognition Rate

Recognition Rate (%)
Speech . Proposed
Euclidean DTW Method
Soeeeh 813 819 83
- “erfgem 839 81 86.1
P 816 %3 &7
Average 84.3 84.8 8.0
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