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Visualization Algorithm for Similarity Connection based on Data Transmutability
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ABSTRACT

Big data based on numerous data made by the people are used in order to obtain useful information. We can obtain more
useful information if it can apply machine learning techniques added deformation of human memory on the characteristics of the
computer program. And big data is predicted by using these conclusions. Humans are used to remember similar data as an original
data, so big data processing technology should reflect these human characteristics. In this study, this algorithm to provide the
selectivity of information is proposed. This algorithm is the technology to reflect the above factors. This algorithm is selected the
data with high selectivity to determine similar data based on the deformation characteristics of the data.
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