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A Study On Recommend System Using Co-occurrence Matrix
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[Abstract]

The recommend system is getting more difficult real time recommend by lager preference data set, computing power and
recommend algorithm. For this reason, recommend system is proceeding actively one's studies toward distribute processing method
of large preference data set. This paper studied distribute processing method of large preference data set using hadoop distribute
processing platform and mahout machine learning library. The recommend algorithm is used Co-occurrence Matrix similar to item
Collaborative Filtering. The Co-occurrence Matrix can do distribute processing by many node of hadoop cluster, and it needs
many computation scale but can reduce computation scale by distribute processing. This paper has simplified distribute processing
of co-occurrence matrix by changes over from four stage to three stage. As a result, this paper can reduce mapreduce job and
can generate recommend file. And it has a fast processing speed, and reduce map output data.
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Fig. 1. Matrix factorization collaborative filtering.
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Fig. 2. Co-occurrence matrix and recommend vector.
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Table 1. Map reduce key-value(stage 1).
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Table 2. Mapreduce key-value(stage 2).
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Fig. 14. Result of four stage distribution processing.
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Fig. 15. Result of three stage distribution processing.
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