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Abstract  Recently, the need for retrieving documents is growing in SNS environment such as twitter. For
supporting the twitter search, a clustering technique classifying the massively retrieved documents in terms of
topics is required. However, due to the nature of twitter, there is a limit in applying previous simple techniques
to clustering the twitter documents. To overcome such problem, we propose in this paper a new clustering
technique suitable to twitter environment. In proposed method, we augment new terms to feature vectors
representing the twitter documents, and recalculate the weights of features using Korean Wikipedia. In addition,
we performed the experiments with Korean twitter documents, and proved the usability of proposed method
through performance comparison with the previous techniques.
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function Rebuilding Feature(f, r)
input : original feature vector f= (t17"'7tn)
augmentation ratio r
output : new feature vector f'
1: f=Ff
2:
3: // feature weighting
4: for all ¢, in [
5: w(ti):uzo(ti) wiki(ti)
6: end
7:
8: repeat
9: // feature augmentation
10: for all ¢, in f
11: find significant terms k; :{kil""’kim,} in Wikipedia for
w(ti) ,
where m,= —————X|f'[xr
JZle(tj)
12: F=F Uk with w(k,)=1 Q1 <j<m,)
13: end
14: // feature weighting (reweighting)
15: for all ¢, in f
16: w(ti)— w, (ti) Xwik’i(tj)
17: end
18: until |f'| stabilize or |f| is less than a threshold 3

a3 1. 5% MR YDAS

Fig. 1. Feature reorganization algorithm
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