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ABSTRACT

In this paper, an automatic recognition algorithm for linearly modulated signals like PSK, QAM under noncoherent
asynchronous condition is proposed. Frequency, phase, and amplitude characteristics of digitally modulated signals are
changed periodically. By using this characteristics, cyclic moments and higher order cumulants based features are
utilized for the modulation recognition. Hierarchial decision tree method is used for high speed signal processing and
totally 4 feature extraction parameters are used for modulation recognition. In the condition where the symbol number
is 4,096, the recognition accuracy of the proposed algorithm is more than 95% at SNR 15dB. Also the proposed
algorithm is effective to classify the signal which has carrier frequency and phase offset.
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Fig. 1 General pattern recognition system
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