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A Feature Vector Generation Technique through Gradient
Correction of an Outline in the Mouth Region

Jung Hwan Park*, Jong Jin Jung”,

ABSTRACT

Guk Boh Kim'™"

Recently, various methods to effectively eliminate the noise are researched in image processing

techniques. However, the conventional noise filtering techniques, which remove most of the noise, are

less efficient for remained noise detection after filtering due to exploiting no face feature information.

In this paper, we proposed a feature vector generation technique in the mouth region by distinguishing
and revising the remained noise through gradient correction, when the outline is extracted after performing

noise filtering.

Key words: Gradient Correction, Feature Extraction, Feature Vector, Vector Generation, Outline of

Mouth Region
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2.1 Otsu's method
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2.2 Laplacian
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Table 1, Implementation of laplacian operator in OpenCV

void cvLaplace(const CvArr+ src, CvArr* dst,
int aperture_size=3);

2.3 OpenCV

OpenCV (Open Computer Vision)2 & A2
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Al A 284S 18t AL, OpenCV
ZtolB ) #E= Windows, Linux, Mac OS, iOS,
Android EHEZANA F2$)[4]

2.4 Histogram
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2.5 Face detection
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2.6 Lip Extraction
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Fig. 1. Activity diagram for feature vector generation.
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Conversion RGB to HSV
Separate H, S, V (Single channel)
Using S channel
Binarization
Finding Center-line of Face

Fig. 3. Detecting center—line of face.
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Fig. 5. Detecting corner—points of mouth,
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Fig. 6. Input image for feature vector generation,
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Fig. 12. Feature vector generation from image (a), (b).
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