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A Technique of Statistical Message Filtering
for Blocking Spam Message

Seongyoon Kim”* - Taesoo Cha® - Jeawon Park** - Jaechyun Choi*** - Namyong Lee**

B Abstract B

Due to indiscriminately received spam messages on information society, spam messages cause damages not only
to person but also to our community. Nowadays a lot of spam filtering techniques, such as blocking characters, are
studied actively. Most of these studies are content-based spam filtering technologies through machine learning..
Because of a spam message transmission techniques are being developed, spammers have to send spam messages
using term spamming techniques. Spam messages tend to include number of nouns, using repeated words and inserting
special characters between words in a sentence. In this paper, considering three features, SPSS statistical program
were used in parameterization and we derive the equation. And then, based on this equation we measured the
performance of classification of spam messages. The study compared with previous studies FP-rate in terms of further
minimizing the cost of product was confirmed to show an excellent performance.
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<Table 4> Hosmer-Lemeshow Verification

Step Chi-square df Sig.
1 .000 4 1.000
2 2.903 6 21
3 13185 8 106
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{Table 5> Model Summary

Model Summary

Step '—2 'Log Cox and Snell| Nagelkerke
likelihood R Square R Square
1 364.362a 377 629
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272.618a 442 738
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{Table 6> Correlation Matrix

Noun .
Constant Count special | Count
Constant | 1.000 -89
step 1
P Noun g0 | 1000
Count
Constant | 1.000 -633 | —.3%4
Noun B B
step 2 Count 633 1.000 342

special -39 | -.342 | 1.000
Constant | 1.000 | -291 | -.230 | -.812

Noun 1 oa1 | 1000 | -310 | —003
step 3| Count
Count | -812 | -093 | -019 | 1.000

special -230 | =310 | 1.000 | -.019

(Table 7 Variables Included in Equation

B | SE | Wald | df | Sig. [Exp(B)
Step 1 NounCount| .037 | 002 |254676| 1 |.000| 1.038
Constant |-1.719| 172 | 99543 | 1 |.000| .179
NounCount| 028 | .003 |125.364| 1 |.000| 1.029
Step 2| special 021 | 003 | 58168 | 1 |.000| 1.021
Constant |-2.233| .193 [133414| 1 |.000| .107
NounCount | .023 | .003 | 83.836 | 1 [.000| 1.024
Count | .174 | 026 | 45267 | 1 |.000| 1.195

Step 3 -
special | .019 | 003 | 46464 | 1 |.000| 1.020
Constant |-3933| 340 [134.873| 1 |.000| .019
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(Table 8) Classification Performance Scale of
Spam Messages

Measurements
precision 83.3%
recall 88.3%
F-measure 88.3%
FP Rate 0.13%
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