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The Blog Polarity Classification Technique using Opinion Mining

Jong-Hyuk Lee*, Won-Sang Lee*, Jea-Won Park**, Jae-Hyun Choi**

Abstract

Previous polarity classification using sentiment analysis utilizes a sentence rule by product reviews
based rating points. It is difficult to be applied to blogs which have not rating of product reviews
and is possible to fabricate product reviews by comment part-timers and managers who use web
site so it is not easy to understand a product and store reviews which are reliability. Considering to
these problems, if we analyze blogs which have personal and frank opinions and classify polarity, it
is possible to understand rightly opinions for the product, store. This paper suggests that we extract
high frequency vocabularies in blogs by several domains and choose topic words. Then we apply a
technique of sentiment analysis and classify polarity about contents of blogs. To evaluate
performances of sentiment analysis, we utilize the measurement index that use Precision, Recall,
F-Score in an information retrieval field. In a result of evaluation, using suggested sentiment analysis
is the better performances to classify polarity than previous techniques of using the sentence rule
based product reviews.
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(Figure 1) Classification Technique Process
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(Figure 3) High Frequency Vocabulary
Extraction Process
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Domain Restaurant Mobile
Detail Nolboo-Bossam Galaxy S3

Number Word Frequency Word Frequency
1 Bossam 171416 Mobile 9312641
2 Nolboo 144031 Galaxy 2074558
3 Menu 34623 Design 343321
4 Pig’s feet 29434 Price 201891
5 Kimchi 26613 LCD 163970
6 Taste o687 | VY O e

sound
7 Brand 19644 Battery 77434
Price 17888 Screen 63111

9 Order 14097 Touch 45266
10 Food 8589 Camera 43680

<Table 1> The part of the extracted Keyword
ascending by High Frequency
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(Figure 4) Sentiment Analysis Process
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for each sentence s; that contains a
set of features do
if feature f; is equal to component
of sentence w, that is verb or adjective
then
opinionOrientation = compare to
Sentimental Dictionary;
if feature f; is equal to negative
word then
opinionOrientation
=inverse * opinionOrientation;
endif
if feature w,_, that is adverb exists
then
Algorithm2();
endif
endif

endfor;

(Figure 5) Algorithm1:
Adnominal Phrase, Negative Rule
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if feature w,_, that is adverb exists
then
if opinionOrientation is equal to 1
then
opinionOrientation += 1;
endif
if opinionOrientation is equal to -1
then
opinionOrientation —= 1;
endif
endif

(Figure 6) Algorithm?2:
Adverbial Phrase Rule
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Number Senti.ment Se‘ntimént
Predicate Orientation

1 Cheerful p(positive)
2 Violent Anger n(negative)
3 Anguish n(negative)
4 Good p(positive)
5 Painful n(negative)
6 Sympathetic p(positive)
7 Pleased p(positive)
8 Sharp p(positive)
9 Aggressive n(negative)
10 Embarrassed n(negative)

<Table 2> The Part of Sentiment Dictionary

dolE % Hloley
A% HolEE YEug
gegon 9siad, 7

WFS FHIW p, FAolH

=hy

4.1 H£E dolg & H7I WH

2 dAFoAE
Cyworld & Z10f A

Naver,

Daum,
A=E, G}, ey 4

Tistory,

FHEATY. <E > =
I dle]ge] ot} H

| 2 200 E o= FE3)
I B =7 EHVIHES A&

Domain Detail Domain Number
Movie Transformer 948
Mobile Galaxy S3 482
Nolboo-Bossam 208
Primo BacioBaci 445
Restaurant Mies container 434
Seoga and Cook 485
Abiko 238

<Table 3> The number of Blogs collected by
Domain
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<FE 4> FAAHE s

Comsi eiziifon 6f Consideration of
Detail Adnominal & .
. Adverbial Phrase Rule
D . Negative Phrase Rule
omain
Precision| Recall |F-Score|Precision| Recall |F-Score
Nolboo™| g5 08 | 60.12 | 7396 | 97.20 | 6341 | 76.75
Bossam
Primo = . . . ’
BacioBaci 9368 | 5057 | 65.68 | 91.92 | 51.12 | 62.70
Mies | 9636 | 5824 | 7260 | 9655 | 60.87 | 7467
container
Seoga
and 89.72 | 5854 | 70.85 | 8888 | 58.79 | 70.80
Cook
Abiko | 9464 | 6092 | 7412 | 9444 | 5795 | 71.83
Average| 94.10 57.68 71.44 93.82 58.43 71.35

<Table 4> The Performance of Adverbial
Phrase Rule
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o #AFHAN, FAFANS AL Asd 2(©2)
AGtEE A& s A Aes Hug
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2 %

Recall2 ¢F 1.88% %A+ F-scores 0.48%
b=

<E 5> ALTFH 4%

Consideration of . .
C derati f
Detail Adnominal & OnSICeration ©
D . Negative Phrase Rule Distance Rule
lomain
Precision| Recall |F-Score|Precision| Recall |F-Score
Nolboo™| g5 08 | g0.12 | 7396 | 97.20 | 6258 | 75.84
Bossam
Primo N 0= .
BacioBaci 93.68 50.57 65.68 91.92 55.37 69.50
Mies | o635 | 5824 | 7260 | 9655 | 6175 | 75.33
container
Seoga
and 89.72 58.54 70.85 88.88 60.98 72.99
Cook
Abiko 94.64 60.92 74.12 94.44 57.14 70.92
Average| 94.10 57.68 71.44 94.10 59.56 7292
<Table 5> The performance of Distance Rule
B, TS A4S A B R
Al AtslE ERVIMS A&% e v
A= <#E 6> YEFHTE Precisione 1.14%

Recall® 451%, F-score2 3.8% 3FAE )

£

<X 6> A3 EF7IH A

Consideration of Consideration of
Detail Adnominal & Suggested Classification
Domain | Negative Phrase Rule Technique
Precision| Recall |F-Score|Precision| Recall |F-Score

Nolboo~| g5 08 | 60,12 | 7396 | 97.20 | 6485 | 77.82
Bossam

Primo op = = - .
BacioBaci 9368 | 50.57 | 6568 | 91.92 | 60.34 | 7397
Mies | 536 | 5324 | 7260 | 9655 | 6270 | 76.07
container

Seoga

and 89.72 | 5854 | 70.85 | 8388 | 62.05 | 74.10
Cook

Abiko 94.64 60.92 7412 94.44 61.02 74.23
Average| 94.10 57.68 71.44 95.24 62.19 75.24
<Table 6> The performance of suggested

Classification Technique
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<Table 7> The Performance Comparison
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