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Abstract

Recently, with the introduction of social network services, studies that try to make use of them
for the various purposes have been actively developed. In order to proceed with the research that
takes advantage of social network services, it is necessary to review the relevant literature and
to identify trends in researches. However, the researches of social network service since 2007
are massive amount, so to review the huge amount of relevant research literature is a very
difficult task. Therefore, in this study, we analyze systematically the tendency of research
related to social network service focusing on Twitter. Especially, we use the SLR(Systematic
Literature Review) technique for systematic literature survey and analysis. For the literature
survey, we select five well-known literature resource sites and 128 studies of literature that are
surveyed. In order to identify various research trends, we conduct the survey with two research
groups: researches since 2007 and researches since 2011. As a result of the investigation, since
2007, the researches associated with “Application”, “User Activity” and “User Content Analysis”
main study topics have been mostly carried out. In addition to the result, the trend of secondary
study topics in a main study topic, trends in research based on the number of citations and the
scale of the experimental data and characteristics of the author are analyzed from a variety of
perspectives.
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