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Abstract

This paper presents an efficient Markov feature extraction method for detecting splicing forged images. The Markov
states used in our method are composed of the difference between DCT coefficients in the adjacent blocks. Various
first-order Markov state transition probabilities are extracted as features for splicing detection. In addition, we propose a
feature reduction algorithm by analysing the distribution of the Markov probability. After training the extracted feature
vectors using the SVM classifier, we determine whether the presence of the image splicing forgery. Experimental results
verify that the proposed method shows good detection performance with a smaller number of features compared to
existing methods.
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An example of spliced image.
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Table 1. The performance of the image splicing detection
according to the combination of the feature
vectors.
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