ISSN 1598-0170 (Print)
ISSN 2287-1136 (Online)
http://www.jksii.or kr

W AEL 7k

St HEE

20| Wi 24

E A F

Recursive Estimation of Euclidean Distance between Probabilities based
on A Set of Random Symbols

"
24 &
Namyong Kim
o ot
B =
A AERY U FERE BFS ZEE FATA F292 AN N Y A Zo tld FELUETF A2
ZHNZ S0 3t FEUETSFE AFo]9 D E 7|Ho R AAE Bt L AAHS £ o]2YEX Mom»} 4 ED
H7rE 9 vl MEAZE with D TS AR TE TR o] BD 3 A2 BF dolE AhEA 0B A Aol grhe FAXE
AU Yot o] =RAAE FE AdES 2 F Je PHOZA dA ME AT 0 #F o AE /\]{PQJ ED # Alol<]
A T MEAIZES] ED 3k Aldtel @Al A4 D #e &8 Qe WHEA 0D FAYHS AdsAth 7189 EE A
ED W At o) & 7HA = Wl WHEA D W A4 o) & ZEAH, AlE# o)A Aol A T rbalo] A 8He] YA}
= FHAHE AESaTh
FAlo] . WY HEY, FELE NHEF, §FFEE A, EERIE

ABSTRACT

Blind adaptive systems based on the Euclidean distance (ED) between the distribution function of the output samples and that of
a set of random symbols generated af the receiver matfching with the distribution function of the fransmitted symbol points estimate
the ED at each iteration time to examine its convergence state or its minimum ED value. The problem is that this ED estimation
obtained by block data processing requires a heavy calculation burden. In this paper, a recursive ED estimation method is proposed
that reduces the computational complexity by way of utilizing the relafionship between the current and previous states of the datfa
block. The relatfionship provides a ground that the currently estimated ED value can be used for the estimation of the next ED without
the need for processing the whole new data block. From the simulatfion results the proposed recursive ED estimation shows the same
estimation values as that of the conventional method, and in the aspect of computational burden, the proposed method requires only
O(N)at each iteration time while the conventional block processing method does O(N?),
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