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ABSTRACT

In ubiquitous environment, data are changing rapidly and new data is coming as times passes. And sometimes all of
the past data will be lost if there is not sufficient space in memory. Therefore, there is a need to make rules and
combine it with new data not to lose all the past data or to deal with large amounts of data. In making decision trees and
extracting rules, the weight of each of rules is generally determined by the total number of the class at leaf. The
computational problem of finding a minimum finite state acceptor compatible with given data is NP-hard. We assume
that rules extracted are not correct and may have the loss of some information. Because of this precondition. this paper
presents a new approach for refining rules. It controls their weight of rules of previous knowledge or data. In solving
rule refinement, this paper tries to make a variety of rules with pruning method with majority and minority properties,
control weight of each of rules and observe the change of performances. In this paper, the decision tree classifier with
extended data expression having static weight is used for this proposed study. Experiments show that performances
conducted with a new policy of refining rules may get better.
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Table. 1 Training data set
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Fig. 1 Extended data expression using examples of the
Table 1 and the one knowledge of an expert
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Function Mame : controlWeight(

Let T be the training data

Let k be the number of rules extracted datal.
Let x be the test record x € T.

Let counter show change of the weight of »x
Let resultFlag notify the result.

Assign TRUE to resultFlag.
for i =1 to k do
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