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ABSTRACT

Too much information exists in ubiquitous environment, and therefore it is not easy to obtain the appropriately
classified information from the available data set. Decision tree algorithm is useful in the field of data mining or
machine learning system, as it is fast and deduces good result on the problem of classification. Sometimes, however, a
decision tree may have leaf nodes which consist of only a few or noise data. The decisions made by those weak leaves
will not be effective and therefore should be excluded in the decision process. This paper proposes a method using a
classifier, UChoo, for solving a classification problem, and suggests an effective method of decision process involving
only the important leaves and thereby excluding the noisy leaves. The experiment shows that this method is effective
and reduces the erroneous decisions and can be applied when only important decisions should be made.
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