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Abstract

In this paper, we propose the classifier structure design algorithm using DTW. Proposed algorithm uses DTW result to
design the binary tree architecture based on the SVM which classify the multi-class data. Design the binary tree
architecture for Support Vector Machine(SVM-BTA) using the threshold criterion calculated by the sum columns in square
matrix which components are the reference data from each class. For comparison the performance of the proposed
algorithm, compare the results of classifiers which binary tree structure are designed based on database and k-means
algorithm. The data used for classification is 333 signals from 18 classes of underwater transient noise. The proposed
classifier has been improved classification performance compared with classifier designed by database system, and
probability of detection for non-biological transient signal has improved compare with classifiers using k-means algorithm.
The proposed SVM-BTA classified 68.77% of biological sound(BO), 92.86% chain(CHAN) the mechanical sound, and 100%
of the 6 kinds of the other classes.
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Underwater transient signal database.
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