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Abstract
We propose the sentiment pattern as a novel sentiment feature for more accurate text sentiment analysis, and
introduce the rating inference of movie reviews using it. The text sentiment analysis is a task that recognizes and
classifies sentiment of text whether it is positive or negative. For that purpose, the sentiment feature is used, which
includes sentiment words and phrase pattern that have specific sentiment like positive or negative. The previous
researches for the sentiment analysis, however, have a limit to understand accurately total sentiment of either a
sentence or text because they consider the sentiment of sentiment words and phrase patterns independently.
Therefore, we propose the sentiment pattern that is defined by arranging semantically all sentiment in a sentence,
and use them as a new sentiment feature for the rating inference that is one of the detail subjects of the sentiment
analysis. In order to verify the effect of proposed sentiment pattern, we conducted experiments of rating inference.
Ratings of test reviews is inferred by using a probabilistic method with sentiment features including sentiment
patterns extracted from training reviews. As a result, it is shown that the result of rating inference with sentiment
patterns are more accurate than that without sentiment patterns.
Key words : sentiment analysis, rating inference, sentiment feature, sentiment word, phrase pattern,

sentiment pattern
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Figure 1. The process of constructing a Senti-Patterns.
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Increase
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Reverse

Pattem Elements

Category
Sentiment
Transformation

Table 1. The elements of the Senti-Pattem and their comesponding Tag.
Sentiment
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Table 2. Examples of the Sentiment Transformation Words.
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Table 3. The number of the sentiment features

Sentiment Feature Number of features

Senti-Words 581
Phrase Patterns 693
Senti-Patterns 195
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Table 4. Results of the three-fold Rating Inference experiments.

Senti-Words & Addition of

Phrase Patterns Senti-Patterns
Test # MAE MSE MAE MSE
1 0.524 0.905 0.293 0.265
2 0.520 0.904 0.294 0.265
3 0.521 0.904 0.295 0.265
Avg. 0.522 0.904 0.294 0.265
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