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Abstract

In this study, chlorine modeling technique based on fuzzy system is proposed to reduce the carcinogenic substance
and decide the optimal chlorine injection rate, which is affected by chlorine evaporation rate in sedimentation basin
according to detention time, weather and water quality. The additional chlorine meter is installed in the inlet part of
sedimentation to reduce the feedback time and implement cascade control, which leads to maintaining the residual
chlorine concentration decided by fuzzy rule. It helps to take a preemptive action about long time delay, the
characteristics of the disinfection process, and reduce the variation of residual chlorine rate by 7.3 times and the
chlorine consumption by 40,000 dollars. It made a significant contribution to supply hygienically safe drinking water.
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Fig. 1. General water treatment process
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Table 1. Monthly chlorine injection and residual chlorine
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Fig. 2. Correlation analysis of variables
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Table 2. Control rule for pre—chlorination process
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2.2.3 Neuro Fuzzy Algorithm
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Table 5. Standard deviation of output residual chlorine
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