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Abstract

This paper suggests a way of generating one-day load curves for performance improvement of peak shaving in a power
system. This Peak Shaving algorithm is a long-term scheduling algorithm of PMS (Power Management System) for BESS
(Battery Energy Storage System). The main purpose of a PMS is to manage the input and output power from battery mod-
ules placed in a power system. Generally, when a Peak Shaving algorithm is used, a difference occurs between predict load
curves and real load curves. This paper suggests a way of minimizing the difference by making predict load curves that
consider weekly normalization and seasonal load characteristics for smooth energy charging and discharging.
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