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ABSTRACT

Opinion Mining is one of the application domains of text mining which extracting opinions
from documents, and much researches are currently underway. Most of related researches
focused on the sentiment classification which classifies the documents into positive/negative
opinions. However, there is a little interest in extracting the features characterizing the
individual product. In this paper, we propose the technique classifying the opinion documents
according to the product features, and selecting the those features characterizing each
product. In the proposed method, we utilize the document clustering technique and develope
a new algorithm for evaluating the similarity between documents. In addition, through
experiments, we prove the usefulness of proposed method.
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Algorithm FSIM(A, B)
Input Feature vectors A(Al, -, An), B(B1, -, Bn)

output Similarity between A and B

TotalSim = 0
For each i(1<i<n)
max = 0

for each B/(1<j<n)

partialsim= (4; < B;)/(d(,

if max < partialsim
max = partialsim
for each 4,(1<j<n)

J)+1)

partialsim=" (B x4,)/(d(i, j)+1)

if max < partialsim
max = partialsim
TotalSim = TotalSim + max
return TotalSim

(Figure 2) An Algorithm for Similarity Calculation
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(Table 1) Clustering Results with the Proposed Method(FSIM)

Title Cluster number Main features Cluster size
1 story, contents, aftertaste, movie work 377
The Attorney 2 story, dCt’a;‘t‘;izsgogfeggik’ ending, 132
3 act, acting skill, actor 491
1 song, picture 517
Frozen 2 story, contents, song 215
3 synopsis, story, movie work 268

(Table 2) Clustering Results with Cosine Similarity

Title Cluster number Main features Cluster size
1 story 83
The Attorney 9 actor, act, act1ng skill, aftertaste, 523
contents, movie work, story

3 act 394

song 375

Frozen 9 movie work', aftertaste, picture, 170

music, character

3 story 155
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