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Developing an Intelligent Self-Health Pre-Diagnosing
System based on ART2
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Abstract

In this paper, we propose a self-diagnosis system that is based on the ART2 algorithm in order
to extract more detailed disease information by fuzzy reasoning method especially when the
boundary of perceived symptoms are not clearly classified into disease categories. With that
modification from previous version of the self health pre-diagnosis system, the proposed one is
verified as more effective by field experts’ evaluation as an intelligent assistant tool for public

users before they consult with medical experts.
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