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Context-aware Framework and Applications
for Improving Ul and UX of Smartphones*®

Choonsung Shin** - Byoung-Ha Park*** - Kwang-Mo Jung®****

B Abstract &

With the recent advance in smartphones, users are allowed to use mobile applications anytime anywhere, and
change their way to interact with smart environment and people. As a result, the need for developing context-aware
applications on smartphones has a great attention from users and developers.

This paper proposes a context-aware framework for supporting UI/UX of smartphones. The proposed framework
collects a wide range of sensory data from smartphones and allows developers to analyze and model context models
for their desired apps. In addition, it also supports real-time inference within the apps to make them to adapt to
context. In order to show effectiveness of the proposed framework, we introduce two smartphone apps: context-aware
home screen and automatic detection of smartphone problem use. Therefore, we expect that the proposed framework
will help developers easily implement their apps with respect to context-awareness.

Keyword : Mobile Context-Awareness, Machine Learning, Human-Computer Interaction
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