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A Speed—up Method of HOG Pedestrian Detector
iIn Advanced SIMD Architecture
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Abstract

A pedestrian detector can be applied for various purposes such as monitoring or counting the number of
people in some place, or detecting the people plunging in the driveway. There was a lot of related research.
But, the detection speed is slow in embedded system because of the limited computing power. An algorithm
for fast pedestrian detector using HOG in ARM SIMD architecture is presented in this paper. There is a way
to quickly remove the background of image and to improve the detection speed using NEON parallel
technique. When we tested with INRIA Person Dataset, the proposed pedestrian detector improves the speed
by 3.01 times than previous one.
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Table 1.NEON #E do]g #3

i 1. NEON Vector Data Type

int8x8_t int8x16_t
int16x4_t int16x8_t
int32x2_t int32x4_t
int64x1_t int64x2_t
uint8x8_t uint8x16_t
uint16x4_t uint16x8_t
uint32x2_t uint32x4_t
uint64x1_t uint64x2_t
float16x4_t float16x8_t
float32x2_t float32x4_t
poly8x8_t poly8x16_t
polyl6x4_t poly16x8_t
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