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Loitering Detection Solution for CCTV Security System

Joohyung Kangi Sooyeong Kwak'

ABSTRACT

In this paper, we propose a loitering detection using trajectory probability distribution and local direction
descriptor for intelligent surveillance system. We use a background modeling method for detecting moving
object and extract the motion features from each moving object for making feature vectors. After that,
we detect the loitering behavior person using K-Nearest Neighbor classifier. We test the proposed method
in real world environment and it can achieve real time and robust detection results.

Key words: intelligent surveillance system(X%53 Al A|2=®), loitering detection(¥l] 3] 39| &X)),
trajectory analysis(#& £41)
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// SSM : State Space Model(&7H2 =4
// PV @ Prescale Variable.

/3R rde) 37 A4,
SSM.ModelSize < (Image.Size. width/PV,
(Image.Size.height/PV);

/) F0AE B A
SSM.Model «<— new Model[SSM.ModelSize];

/) 2l %73}
begin
1< 1
SSM.Modelli] < 0;
1=1+1;
if 1 1s not SSM.ModelSize goto begin

A4 FERLEE 5@ 54N Y

begin
Objectlndex « 1,
Position < GetObjPosition(ObjectIndex);
begin’
i< 1
if Position is not
Obj[ObjectInex].SSM.Modellil.region then
i=i+l;
continue;
end if
Obj[ObjectIndex].UpdateStateSpaceModel(i);
exit;
if 1 1s not SSM.ModelSize goto begin’

O #3138 24 A3}
Obj[ObjectIndex].NormalizationStateSpaceModel ();

@ 7I-AI9F 2HE 53 dojy EHd.
Obj[ObjectIndex].GaussianFilterStateSpaceModel();

@ FHH =g o L HEs)
Obj[ObjectIndex].UpdateVector();

@ AR ey 22 L FRHE FH
float Feature =

Objl[ObjectIndex].GetFeatureVector(Param);

if Objectlndex is not NumOfObject goto begin
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