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A Facebook Page Ranking and Highlight Contents Selection Scheme
based on User Interests
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ABSTRACT

As browsing and sharing multimedia contents through various social network services have become very common these days. there
has been a rising demand for effectively provide appropriate multimedia contents to users depending on their interest and characteristics.
Especially, considering the enormous volume of multimedia contents created daily, user satisfaction heavily depends on effective selection
of appropriate multimedia contents. For instance, if the acquisition of contents is based on friends or related people, then it is usually
considered to be more trustworthy. Facebook page is one of the social spaces where people can obtain various information of interest.
Still, users have difficulty in finding proper information because Facebook generates tremendous amount of data daily. In this paper, we
proposed a scheme to extract and select Facebook page contents effectively. In our proposed scheme, users are grouped based on mutual
intimacy and Facebook pages of interest are selected based on the ranking of importance. We show the performance of our scheme

through experiments.
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Table 2. Activities on the newsfeed

Activity
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xplanation Weight

z performed ‘Like” action to

Like newsfeed contents p; 03

z left comments on newsfeed

Comment 0.6
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Table 3. Activities on the page contents
Activity . Activity
type(s,,) s sl Weight
. tr; performed ‘Like" action to
Like 0.3
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tre left comments on page
Comment 0.6
contents g,
. tr; tagged certain user tr, on
Tagging s s 05
page contents g,,
tr, shared page contents g,, to
Share ! . 06
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Table 4. Example of user rank group

Rank Group Top-rank Group User Similarity
Lee2, Park, Jin, Sin, Jo etc. 0.2151
Park, Kiml, Leel, Han, Sin etc. 0.1877

Jin, Lee2, Kiml, Leel, Han €] etc. 0.1046

‘Musician’

‘Clothing’

‘Entertainer’
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Table 5. Comparison of grouping methods

Methods Precision F-measure
Naive Bayes 0.56 0513
cnearest 058 0536
neighbor
User grouping based on
Facebook intimacy 062 0647
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Table 6. Highlight page contents using page selection

Common interest ‘Sports’

Highlight Page | ‘Wanye Rooney’ M%rrll(;?ee;ter ‘Arsenal’
Contents (15, 0.301) 3. 0.070) (18, 0.022)
Common interest ‘Music’
Highlight Page | ‘Snoop Dogg’ ‘2pac’ ‘Eric’
Contents (12, 0.098) (10, 0.075) (41, 0.068)
Common interest “Travel’
Highlight Page | ‘Travel Lovers’ | ‘T love Travel ‘Filson’
Contents (8, 0.157) (24, 0.075) (11, 0.028)
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Fig. 6. Un-rank and Top-rank relation score
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