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Design and Implementation of a Sound Classification System for
Context-Aware Mobile Computing

T
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ABSTRACT

In this paper, we present an effective sound classification system for recognizing the real-time context of a smartphone user. Our
system avoids unnecessary consumption of limited computational resource by filtering both silence and white noise out of input sound
data in the pre-processing step. It also improves the classification performance on low energy-level sounds by amplifying them as
pre-processing. Moreover, for efficient learning and application of HMM classification models, our system executes the dimension reduction
and discretization on the feature vectors through k-means clustering. We collected a large amount of 8 different type sound data from
daily life in a university research building and then conducted experiments using them. Through these experiments, our system showed
high classification performance.
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