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A study on integrating and discovery of semantic based knowledge model
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ABSTRACT

Generation and analysis methods have been proposed in recent years, such as using a natural language and formal language
processing, artificial inteligence algorithms based knowledge model is effective meaning. ifs semantic based knowledge model has
been used effective decision making free and problem solving about specific context. and it was based on stafic generation and
regression analysis, frend analysis with behavioral model, simulation support for macroeconomic forecasting mode on especially in a
variety of complex systems and social network analysis. In this study, in this sense, infegrating knowledge-based models, This paper
propose a text mining derived from the inter-Topic model Integrated formal methods and Algorithms. First, a method for converting
automatically knowledge map is derived from text mining keyword map and integrate it into the semantic knowledge model for this
purpose. This paper propose an algorithm fo derive a method of projecting a significant topic map from the map and the keyword
semantically equivalent model. Integrated semantic-based knowledge model is available,

= keyword : Knowledge Model, Network infegratfion, Semantic discovery, Text Mining
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